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ABSTRACT

THE EFFECTS OF GOAL ORIENTATION AND LEARNING STRATEGIES ON
MANAGERIAL JOB PERFORMANCE
by
Raphael Y. Prager

Advisor: Loren J. Naidoo, Ph.D.

The purpose of this study was to test a theoretical model of the role of informal managerial
learning processes in predicting job performance. Using Goal Orientation (GO) as a framework,
this study tested the relationships between dispositional GO, learning strategies, and
organizational and managerial support in relation to job performance. Participants were 143
employees across several global regions in an insurance firm. Overall, path analyses indicated
that dispositional mastery GO was positively associated with learning strategies and job
performance. Contrary to hypotheses, the learning strategies did not positively predict job
performance. Differential effects were found for the influence of organizational and managerial
support on learning strategies as organizational was found to positively predict active feedback
seeking and negatively predict effort regulation, while managerial support negatively predicted
active feedback seeking. Research and organizational implications are discussed.
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Chapter I
Statement of the Problem
Learning is an important process that impacts how managers approach problems, make
decisions, and adapt to changes in the external environment. In a highly dynamic labor market
with changing job demands, skills, technologies, roles, and non-linear career trajectories, many
organizations consider learning to be a strategic priority that enables them to attain and sustain
competitive advantage (e.g., Gilbert, 2005). Learning is not confined to formal training (Manuti,
Pastore, Scardingo, Giancasporo, & Morciano, 2015), yet much of what we know about
managerial learning is derived from research on formal learning contexts such as training courses
(e.g., Colquitt, LePine, & Noe, 2000). Critics of formal training programs have argued that they
do not help managers keep up with constantly-evolving industry developments, and most
managerial learning may take place informally via peer interactions or work experiences (e.g.,
Lowy, Kelleher, & Finestone, 1986; McCall, Lombardo, & Morrison, 1988). Informal learning,
grounded in experiential and self-regulated learning (SRL) theory (Kolb, 1984; Knowles, 1973),
is the process that results from individuals making sense of their daily work (Marsick & Volpe,
1999). It is characterized by purposeful, systematic, and sustained learning not directed by an
instructor or organization (Darkenwald & Merriam, 1982).
Informal learning requires different behaviors compared to formal learning such as
ongoing application of experience, intrinsic motivation for self-directed learning, and the ability
to apply learnings and knowledge towards solving problems in ambiguous scenarios (Knolwes,
1973). Early SRL theorists (e.g., Knowles) challenged the traditional view of learning by
positioning the learner as independent of a formal learning environment and underscoring the
importance of learner agency in the learning process. In other words, they viewed individuals as
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capable of self-directed learning independent of instructor guidance and supporting course
material, which is especially important in informal learning environments.
Although research on informal learning in organizations is scant, it has been linked to
increased skill and knowledge proficiency among managers and may collectively enable
organizations to remain agile and competitive in turbulent economic environments (Boud &
Garrick, 1999; Enos, Kehrhahn, & Bell, 2003). As the outcomes of informal learning are often
less obvious in the workplace compared to learning in formal environments, some researchers
have argued that job performance is the best criteria to measure informal learning among
managers given the expectations that they must continuously update their skillsets, knowledge,
and approaches (Porath & Bateman, 2006; Stern & Sommerland, 1999). There is a need for
research that identifies which managers will learn best and how they learn in informal contexts in
order for organizations to maximize managerial and enterprise performance and to better manage
talent (e.g., selection, development, and succession planning; Marsick & Volpe, 1999).
Dweck and Leggett’s (1988) Goal Orientation (GO) theory provides a framework for
understanding differences in managers’ approaches towards workplace learning and self-directed
learning processes. GO describes individuals’ relatively stable preferences for achievement goal
pursuit strategies. GO influences more specific learning goals and self-directed learning
strategies (e.g., Brett & VandeWalle, 1999), and predicts achievement outcomes beyond other
predictors such as cognitive ability (Button, Mathieu, & Zajac, 1996; Ford, 1998; Payne,
Youngcourt, & Beaubien, 2007). Goal orientation dimensions have been linked to various
positive learning outcomes in educational and organizational training contexts, including the
tendency to set learning goals (Brett & VandeWalle, 1999), persistence and effort (Dweck &
Leggett, 1988), the use of complex learning strategies (Ford, Smith, Weissbein, Gully, & Salas,
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1998), and academic performance (Church, Elliot, & Gable, 2001). Most of the research on GO
has taken place in formal educational or training contexts where there are defined learning
objectives. Yet goal orientation is likely to be as relevant to informal managerial learning.
While GO research describes who is likely to engage in informal learning, little empirical
research has investigated how individuals learn in informal work settings and even less is known
about how managerial-level employees learn at work. Learning strategies are actions or
cognitions that impact the processing and retrieval of information (Weinstein & Mayer, 1986).
Importantly, as concrete behaviors, learning strategies can be developed and trained. The
literatures in Educational and Industrial/Organizational (I/O) psychology describe several
learning strategies, including elaboration, effort regulation, and active feedback seeking, that
apply to learning in informal settings (i.e., outside of a formal educational context where reading
and studying are predominant methods for learning). However, empirical research is lacking and
there are few measurement tools that assess these strategies in organizational contexts. In sum,
there is a lack of research on predictors and processes involved in informal learning at work, and
the constructs of goal orientation and learning strategies may be ideal candidates to fill this gap.
Learning processes do not occur in isolation within organizations, and therefore in
addition to individual differences and learning behaviors it is important to investigate situational
effects too. Managers may be influenced to use adaptive learning strategies because they
perceive learning and development to be supported and valued by their organization and/or
manager. Research suggests that organizational and managerial support tend to influence
motivation and capability to learn (e.g., Baldwin & Ford, 1988). However, no studies to date
have investigated the effects of these support variables on managers’ use of learning strategies
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and subsequent job performance. As such, I will examine the effects of managerial and
organizational support on the use of one’s learning strategies and subsequent job performance.
In sum, the present study has three primary goals: (1) to investigate the effects of
manager goal orientation on long-term job performance, (2) to test the effects of informal
learning strategies as potential mediators in this relationship, and (3) to examine the impact of
the situational variables of organizational and managerial support on learning strategies and job
performance. This study offers several unique contributions to the learning literature. First, while
there is ample support for the effects of GO on task and training course performance, very few
studies have investigated the longer-term effects of GO on job performance in the workplace.
Identifying dispositional orientations that enable learning behaviors and job performance over
time is critical for both researchers and practitioners looking to optimize organizational
performance. Second, virtually no research has examined the effects of learning strategies in the
workplace. I argue that these strategies are important in understanding managerial learning and
the underlying processes in which GO impacts job performance. Finally, this study is unique in
that it seeks to understand the situational effects on learning and job performance, in addition to
effects of dispositional orientations and behaviors. Few studies have tested both factors in
informal learning environments. Overall, the findings of this study may inform researchers and
practitioners in how to better design and target talent interventions to better select and develop
their managers to become more effective learners.
In the chapters that follow, I build an integrated theoretical model linking GO and
managerial and organizational support to job performance via the effects of learning strategies,
as shown in Figure 1. Chapter II provides a brief overview of the nature of managerial work in
order to understand why learning is critical for job performance in managerial roles. Chapter III
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introduces the construct of GO and reviews work by past theorists who have considered learning
largely from a training perspective. GO is proposed as a leading theory in explaining managerial
learning processes in informal workplace settings. Chapter IV describes the learning and
performance effects of GO, drawing from both the Educational and I/O Psychology literatures.
In Chapter V, the focus shifts to specific learning behaviors and strategies and the role of
dispositional GO as an antecedent to learning strategies. Chapter VI presents the view that
specific learning strategies mediate the relationship between goal orientation and job
performance. Chapter VII introduces situational effects on learning by describing organizational
and managerial support and their impact on learning strategies and subsequent job performance.
Chapter VIII describes the methodology used and Chapter IX details the study results.
Specifically, relationships between GO, learning strategies, managerial and organizational
support, and managerial job performance were empirically tested using a sample of employees
from a large insurance firm. Participants completed self-report measures of GO, learning
strategies, and organizational and managerial support, and job performance data was collected
eight to twelve months following the program. Chapter X provides a discussion of results,
limitations, avenues for future research and a summary of the study’s key contributions.
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Chapter II
Why Learning is Critical for Effective Managerial Job Performance
Arguably, the primary challenge of managerial work in the 21st century is dealing with
rapid change, both external and internal to the organization. Managers are often required to
anticipate multiple courses of action before making decisions (Daudelin, 1996), each of which
may require a different area of expertise. In order to be an effective strategist, one must be aware
of developments both internal and external to the organization (e.g., regulatory, market, or
competitor developments). Further, organizational scholars and practitioners argue that
managerial-level roles are often ambiguous, unstructured, poorly defined, and unpredictable
(Murphy, 1999). Tsui and Ashford (1994) noted the complexity and ambiguity of managerial
work, stating the need for them to constantly scan the business environmental and adjust their
actions and decisions accordingly. Given the accelerated pace of work due to growth in
technology and globalization, and economic uncertainty associated with instability in the global
markets, the factors described by Tsui and Ashford have likely intensified in recent years (Park
& Choi, 2016). Taken together, to meet the challenges of the 21st century, managers must
continuously update their knowledge and skill sets to keep up with the pace of change,
complexity, and ambiguity in the marketplace (Dragoni, Tesluk, Russell, & Oh, 2009; Manuti et
al., 2015). Arguably, much of this development occurs via learning in informal work settings
rather than through formal training programs (Boekaerts & Minnaert, 1999; Enos et al., 2003;
Lowy et al., 1986; McCall et al., 1988).
Informal learning is thought to impact both managerial and organizational job
performance in several ways. First, Boud and Garrick (1999) argued that learning contributes to
managers’ ability to effectively produce and innovate. Managers are expected to scan the
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environment for new developments, technology, and competitive information in order to drive
unique insights and ideas that will benefit the organization and support its competitive standing.
Managers are also expected to become involved in new projects, get exposure to new functions,
and apply new techniques and technology. Second, informal learning is thought to enable
managers to acquire knowledge and information which can be shared with colleagues, thereby
positively impacting performance on peripheral tasks, projects, or initiatives (Marsick & Watkins,
2001). These behaviors are subsequently rewarded by organizations and reflected in annual
performance reviews (i.e., job performance). Therefore, informal managerial learning and job
performance have been viewed as “inexorably linked” (Stern & Sommerland, 1999).
Despite theory which links managerial learning with managerial and organizational
performance, few studies have empirically tested this relationship in the workplace. This is likely
due to a lack of conceptual clarity in defining the construct of ‘learning’ (Manuti et al., 2015)
and the challenges associated with measuring informal learning processes at work. While
empirical research on the relationship between informal learning processes and job performance
is scant, two studies (Park & Choi, 2016; Porath & Bateman, 2006) found positive job
performance effects of behaviors and processes associated with informal self-directed learning
processes. Park and Choi (2016) found that informal learning, measured broadly as the extent to
which one engages in self-directed, unstructured or spontaneous work activities, positively
impacted job performance among employees across 300 organizations in South Korea. Another
study by Porath and Bateman (2006) found that self-directed tactics such as feedback seeking
and proactive behavior, positively impacted job performance among sales people.
The rest of the research in this area has mostly focused on measuring performance in
formal training contexts where learning objectives and outcomes can be clearly defined (Burke
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& Hutchens, 2007). However, outside of formal learning contexts, it is more challenging to
investigate learning outcomes when they are not specified or measured in a structured way. With
respect to managerial learning, the content of what needs to be learned by managers for them to
cope with their job challenges is likely to vary considerably across positions, organizations, and
industries. Therefore, rather than focusing on the content of what is learned, a more useful
approach is to understand how managers perform their jobs better to meet the dynamic
challenges of their roles, organizations, and industries.
In the absence of the clear proximal learning outcomes characteristic of formal training,
how should informal managerial learning be evaluated? Several potential distal criteria can be
considered, including promotions, career progression, and derailment. However, I argue that the
most relevant distal criterion for informal learning is job performance. As stated earlier, informal
and continuous learning are theorized to be a critical determinant of managers’ performance (e.g.,
Park & Choi, 2016). Job performance is clearly relevant and important to both managers and
their organizations. Therefore, this study will focus on job performance as the key outcome of
informal managerial learning. The present study seeks to bridge the gap in the literature
pertaining to the antecedents and outcomes of informal managerial learning in the workplace.
The next chapter provides a brief history of learning theories in relation to the organizational
training and development literature in order to introduce the focal variable in this study, goal
orientation.
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Chapter III
A Review of the Organizational Training and Development Literature
Learning in Organizations
Organizations value employee learning and invest a substantial amount of time and
money in training and development programs each year. Arthur, Bennett, Edens, and Bell (2003)
asserted that organizational training is the most common approach that organizations use to
enhance the productivity of their employees. A 2015 American Society for Training and
Development (ASTD) study of 336 organizations found that organizations invested substantially
in training and development programs in 2014 with an average annual expenditure of $1,229 and
32.4 learning hours per employee (ASTD, 2015). Arthur et al.’s (2003) meta-analysis revealed
that training programs are worth the investment, reporting medium to large effects for training
interventions across a wide range of industries. Given the benefits of organizational training,
many scholars have attempted to investigate predictors of training effectiveness by exploring
individual and environmental factors that impact the learning process (see Colquitt et al., 2000).
Four theories have been particularly influential in the organizational training and
development literature. In Expectancy Theory, learning is viewed as a product of individuals’
expectations about learning outcomes. Transfer of training models focus on individual difference
and situational variables that predict the likelihood that information learned in a training
environment get applied to the job. Goal-Setting Theory focuses on the role of specific goals in
predicting individual performance. Finally, Self-Efficacy involves looking at individuals’ beliefs
to understand learning outcomes. Each will be discussed in turn.
Expectancy Theory. Vroom’s (1964) valence-instrumentality-expectancy (VIE) theory
was developed in the context of investigating motivation within a formal training context. The
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theory holds that training success is determined by individuals’ expectations regarding the
importance or usefulness of training or learning outcomes. Vroom argued that individuals’
motivations within the training course are a function of three factors: 1) valence refers to the
emotional connections and value that individuals place on outcomes or rewards; 2) expectancy is
the degree to which one believes that one’s exerted effort will lead to first-order outcomes (e.g.,
performance); and 3) instrumentality is the extent to which first-order outcomes (e.g.,
performance) are related to second-order outcomes (e.g., pay raise, promotion). Therefore, from
this perspective, the ability to learn is mostly driven by the benefit one expects to derive from the
learning activities in a given environment. Vroom’s conceptual model is shown in Figure 2.
Noe (1986) later expanded on Vroom’s expectancy theory by proposing that training
performance and motivation is contingent upon trainees’ beliefs that their effort will lead to high
training performance, high training performance will lead to high job performance, and high job
performance will lead to desirable organizational outcomes such as promotion or salary increases.
Gagne and Medsker (1996) further built on VIE theory by arguing that effective training creates
positive expectancies related to the utility of the training. Empirical studies have found support
for the theory in terms of motivation to learn (Colquitt & Simmering, 1998; Mathieu,
Tannenbaum, & Salas, 1992), goal commitment (Klein & Wright, 1994), and turnover (Summers
& Hendrix, 1991). However, Van Eerde and Thierry (1996) warned that the relationship
between VIE and work-related outcomes is weaker than what is generally reported.
VIE in relation to informal learning. There are several limitations to Vroom’s (1964) VIE
theory in describing learning motivation, particularly in relation to informal learning. First, the
paths described by Vroom are contingent upon having clear learning outcomes. In other words,
the learner must be fully aware of the organizational outcomes their learning behaviors will
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ostensibly produce. While this may be applicable in formal training contexts, it may be less
relevant to learning outside of the training context where the outcomes of learning are less clear.
Second, the theory assumes that individuals are motivated only by positive or pleasurable
outcomes (Locke, 1975). For example, expectancy theory postulates that an employee is
motivated to exert effort on a task because he believes that his effort will lead to high
performance evaluations and high performance evaluations will subsequently lead to personal
material benefits (e.g., salary increases). However, research on avoidance motivation
(McClelland, 1951) demonstrates that individuals are sometimes motivated to avoid negative
outcomes (e.g., exerting effort to prevent one’s skills from becoming obsolete), which involves
different cognitive, affective, and neurophysiological mechanisms than if one were motivated to
obtain positive outcomes (Carver & White, 1994; Gray, 1981).
Third, Locke (1975) argued that the theory does not account for individual differences
and is limited to situational perceptions which vary depending on the context. In other words, the
theory is contingent upon the learner’s appraisal of a specified learning scenario (i.e., training
course or module) and does not explain the influence of the learner’s dispositional learning style,
especially in informal learning contexts (i.e., outside of the training environment). Therefore,
VIE theory may be insufficient to explain broader and more stable patterns of motivation that
impact informal learning.
Transfer of Training. Given the substantial investment in training, organizations are not
only interested in what is learned during training programs, but whether the information learned
is transferred to the job and leads to meaningful improvements in work performance (Goldstein
& Ford, 2002). Despite organizations’ best efforts to maximize training outcomes, there is often
a disconnect between the content learned during training programs and subsequent performance
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in one’s role, known as the transfer problem (Ford & Kraiger, 1995). As such, research over the
past several decades has focused on identifying situational and individual difference predictors of
effective transfer of training.
Several theoretical models of transfer have been proposed in the literature. In the most
commonly cited model, Baldwin and Ford (1988) proposed that trainee characteristics, training
design, and work environment variables all impact training outcomes (i.e., declarative and
procedural knowledge). Trainee characteristics include abilities, skills, motivation, and
personality traits; training design factors involve training objectives and opportunities for
practice; and work environment variables involve climate for transfer, peer and managerial
support, and other situational variables that can either maximize or limit potential for transferring
skills to one’s role. Baldwin and Ford’s model is shown in Figure 3.
Despite the advancement of transfer of training theory, empirical support for transfer
models and the individual difference and situational antecedents of transfer is mixed (Blume et
al., 2010; Burke & Hutchins, 2007; Cheng & Hampson, 2008). Recent meta-analyses and
reviews point to a host of potential moderators in the prediction of training transfer. Blume et al.
(2010) note that given the different models and conceptualizations of transfer, it has been
measured differently across studies and therefore it has been difficult to isolate effects of
individual differences and situational factors on transfer outcomes (e.g., studied during the same
session as the learning vs. lag in measurement post-intervention).
Transfer of training and informal learning. While transfer of training theory is important
in understanding how information is transferred from formal learning environments to the job, it
may only explain learning of discrete and clearly specified tasks or skills most often learned in
formal training programs. Also, the theory pertains to elements of training programs and
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organizations which can easily be controlled or manipulated (e.g., sequencing of content,
opportunity to use skills). However, the theory does not describe which employees are likely to
engage in proactive and continuous learning pursuits or learning strategies that are used in
informal learning environments where many of the variables described in the transfer model
cannot be controlled.
Goal-Setting Theories. A third approach to understanding workplace learning centers on
goal-setting (Austin & Vancouver, 1996; Locke & Latham, 1990). Goals can be defined as
“internal representations of desired states” (Austin & Vancouver, 1996, p. 338) and are proposed
to be central in the self-regulating processes involved in task performance and achievement.
Goals range in their levels of intensity, specificity, content, commitment, and conscious
awareness (Carver & Scheier, 1982; Cropanzano, James, & Citera, 1992; Kanfer, 1994; Locke &
Latham, 1990; Elliot, 2006). Locke and Latham’s (1990) seminal work on goal-setting proposed
that specific and difficult yet attainable goals were more effective in producing favorable
outcomes compared to when individuals set goals to maximize their performance. While goalsetting theory was initially focused on achievement and performance outcomes rather than
learning, Locke and Latham (1990) later highlighted the importance of setting specific learning
goals in attaining favorable learning outcomes (e.g., Locke & Latham, 2002). However, their
work on goal-setting is largely unconcerned with specific learning processes and outcomes.
Goal-setting and informal learning. While there is considerable evidence of positive
effects for goal setting on training performance and transfer (Brett & VandeWalle, 1999; Foxon,
1993; Gollwitzer & Brandstatter, 1997), some researchers (e.g., Boekaerts & Minnaert, 1999)
have argued that the traditional goal-setting theory may be deficient for understanding informal
learning where one must self-regulate their learning. The primary reason is that there are
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prescribed learning objectives and performance goals in formal training programs (e.g.,
recognize correct responses, receive passing grades), whereas the learning objectives in informal
learning environments are often times ambiguous and less amenable to setting the kind of
specific, difficult goals that are associated with positive outcomes. For example, training
programs tend to reward correct responses over incorrect ones (e.g., Kozlowski et al., 2001)
thereby encouraging trainees to focus on specific performance targets (i.e., responding correctly)
rather than learning outcomes. Therefore, goals which are set in informal environments are more
subject to change and more likely to be established by the learner as opposed to more narrow and
prescribed goals associated with training content or programs (Boekaerts & Minnaert, 1999).
Kozlowski et al. (2001) also note that the traditional goal-setting approach has limited
application when learning complex information which requires heavy cognitive demands (which
is typical outside of formal training programs). In fact, trying to set specific goals in these
environments can inhibit skill or knowledge acquisition because it limits cognitive resources
(Kanfer & Ackerman, 1989) and directs the learner to superficial characteristics rather than
engaging in deeper information processing. In other words, setting challenging, specific, yet
realistic goals in training programs, where the learning objectives and outcomes are clearly
defined, more easily translates to desired outcomes compared to setting these goals in the
workplace.
Further, the seemingly positive effects of setting difficult goals, as postulated in goalsetting theory, have been called into question by some scholars, especially as it pertains to
informal learning. Ordonez, Schweitzer, Galinsky, and Bazerman (2009) explained that specific
and challenging goals can have various negative side effects on learning. Specific goals promote
a narrow focus in which an individual may overlook important aspects of a task. This can
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prevent individuals from experimenting with alternative approaches which subsequently stifles
learning. Second, goals that are too difficult can sometimes hinder learning, thereby
compromising the quality of work at the organizational level.
In general, goal-setting theory may be useful in understanding learning on specific
activities and tasks or within formal training programs where learning objectives are clear.
However, it does not explain what techniques are effective for informal, long-term learning and
application, where most managerial learning takes place (McCall et al., 1988).
Self-Efficacy. A seminal theory of learning motivation is Bandura’s (1977) self-efficacy
theory. According to Bandura, self-efficacy is defined as “beliefs in one’s capabilities to organize
and execute the courses of action required to produce given circumstances” (Bandura, 1997, p. 3).
Bandura (1977) argued that self-efficacy is derived from an individual’s past experiences with
similar tasks and the psychological states associated with them. Gist and Mitchell (1992)
suggested that in work contexts, self-efficacy is established by accumulating information about
oneself, specific tasks, and others’ perceptions of the individual. Additionally, they argue that
self-efficacy is a dynamic construct which requires constant updating to fit current personal
evaluations with the specific circumstances. Bandura (1977) posited that self-efficacy is derived
from an individual’s cognitions, behavior, and environment. Specifically, one integrates external
cues such as available resources, feasibility of the outcome, task complexity and uncertainty,
environmental support, and feedback regarding performance on the task. One’s self-efficacy is
also derived from internal cues such as familiarity with the task, assessment of one’s individual
ability, and mood.
Learning self-efficacy is a self-perception of learning ability derived from past learningrelated experiences and feedback from others (Schunk, 1996). Since self-efficacy is theorized to
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result from external and internal cues, it has been conceptualized as both a dispositional (e.g.,
Chen, Gully, & Eden, 2001) and situational (e.g., Gist & Mitchell, 1992) predictor of training
success. Further, some argue that self-efficacy is an outcome of training success as well (e.g.,
Martocchio & Hertenstein, 2003), suggesting a cyclical relationship in the learning process.
As an antecedent of learning and work-related outcomes, self-efficacy has been found to
strongly positively relate to motivation to learn (Colquitt, 2000), pre-training motivation
(Chiaburu & Marinova, 2005), training course performance (Gist, Stevens, & Bavetta, 1991;
Potosky & Ramakrishna, 2002), job performance (Stajkovic & Luthans, 1998), adaptive
performance (Kozlowski et al., 2001), skill transfer (Chiaburu & Marinova, 2005), and
declarative knowledge (Martocchio & Hertenstein, 2003). Those high in self-efficacy are
confident in their ability to excel and therefore devote more energy and persistence to learning
and achievement pursuits compared to those low in self-efficacy (Schunk, 1991; Vancouver,
Thompson, Tischner, & Putka, 2002).
Self-Efficacy and informal learning. While self-efficacy tends to predict motivation to
learn, it does not distinguish between different kinds of motivation to learn. For example, an
individual may be motivated to learn for the sake of learning versus as a means of demonstrating
to others their level of competence. These different kinds of motivation to learn may produce
very different outcomes in informal training contexts.
Summary of Learning Theories
In sum, although the theories described in this chapter provide useful foundations for
understanding learning in formal environments, they may have limited applicability to learning
in informal contexts. Vroom’s (1964) expectancy theory provides a useful linkage between effort,
performance, and rewards in the context of learning, but the theory assumes that learning
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objectives and rewards are clearly specified, which is not often the case in informal learning
environments. Transfer of training theory helps us understand the individual difference and
situational variables that enable one to transfer skills from training programs to the job, but it
does not explain how subsequent skills, knowledge and behaviors are learned in informal
learning environments where there is less control over contextual elements (e.g., how learning
stimuli are presented). Goal-setting theories provide a useful framework for understanding the
paths to task and training performance, but they may have limited applicability to learning on
complex and dynamic tasks in informal learning environments. Finally, self-efficacy theory does
not address different kinds of motivation to learn which may be relevant to informal learning.
A more useful approach to predicting and understanding informal learning processes and
related outcomes in the workplace is to explore individual difference variables specifically
related to self-directed learning. In that vein, the next section will describe the construct of GO, a
critical antecedent of informal managerial learning.
Goal Orientation
Early conceptualizations of GO. GO is a motivational orientation that describes an
individual’s tendency to set goals for learning and achievement (Ames, 1984; Diener & Dweck,
1978; Dweck & Leggett, 1988; Elliot & Dweck, 1988). The GO construct originated based on
Diener and Dweck’s (1978) observation that students typically set two different types of goals in
achievement settings. Some students learned by choosing to engage in challenging activities,
focusing on the exertion of effort and development of their skills. Others tended to withdraw
from challenging activities and focused on demonstrating their ability to others. Dweck and
Leggett (1988) proposed that these general learning tendencies are rooted in individuals’ implicit
views of intelligence. Mastery-oriented individuals endorse an incremental view of intelligence,
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the mentality that one’s abilities can be changed over time. These individuals implicitly believe
that ability can be improved through new knowledge or experiences and therefore focus on effort
as the path to learning in achievement-related situations. Performance-oriented individuals
endorse an entity view of intelligence, the mindset that one’s ability is fixed rather than malleable.
These individuals believe that their performance is contingent upon their innate abilities—rather
than effort—and seek normative comparisons to validate their abilities (Dweck & Leggett, 1988).
Many believe that these orientations are developed during childhood or early adolescence
as a result of repeated exposure to feedback from parents and teachers (Ames, 1992; Diener &
Dweck, 1978; Dweck & Leggett, 1988). In support of this assertion, Mueller and Dweck (1998)
found that feedback consistent with these views of intelligence can impact learning patterns.
Specifically, they found that ability feedback is detrimental to children’s subsequent motivation
and performance because it promotes an entity view of intelligence, while the opposite it is true
for effort feedback since it promotes an incremental view. If a child is continuously praised for
his or her ability following success (encouraging an entity view), he or she may continue to make
entity attributions after failure as well. Thus, the child views failure as evidence of his or her lack
of ability rather than resulting from a lack of effort. In turn, failure on subsequent tasks leads to
withdrawal since it is believed that improvement of one’s ability is beyond one’s control. In
contrast, children praised for their effort will likely focus on effort and skill development.
Mueller and Dweck found that children given effort feedback were more likely to persist on
challenging tasks directly following failure since they believe that the path to success is through
effort. They also found that effort feedback predicted student mastery achievement patterns
while ability feedback predicted student performance achievement patterns. Although research
on the relationship between implicit views of intelligence and GO has mostly been conducted
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with elementary school students, Button, Mathieu, and Zajac (1996) found empirical support for
this relationship with college undergraduate students as well.
Believing that effort will lead to improvement and skill development, mastery-oriented
individuals set goals for autonomously acquiring and developing skills and focus on exerting
effort in order to increase their ability (Brett & VandeWalle, 1999; Dweck & Leggett, 1988;
Miller, Beherns, Greene, & Newman, 1993). Further, they often choose to engage in challenging
tasks that will lead to personal development and learning (Diener & Dweck, 1978). When
performing poorly, they tend to view mistakes as being part of the natural course of skill
development and appreciate help and feedback from others in order to enhance their skills (Ames
& Ames, 1984; Elliot & Dweck, 1988). Mangels, Butterfield, Lamb, Good, and Dweck (2006)
provided further support for the positive learning patterns of mastery GO by measuring
neurocognitive activation in undergraduate students through event-related potentials (ERP’s) via
Electroencephalography (EEG). After administering a unidimensional theory of intelligence
measure (TOI) and selecting only those with high and low scores (entity: ≤ 3, incremental: ≥ 4),
Mangels et al. (2006) found that waveforms signifying anticipation were stronger for incremental
theorists (i.e., mastery-oriented) compared to entity theorists (i.e., performance-oriented) when
given learning feedback on a knowledge retrieval task after both success and failure. This
suggests that learning-related feedback is important for those with high mastery GO, even after
failure. In other words, they may view failures as opportunities to increase their ability and skills.
Performance-oriented individuals are less attracted to seeking out new knowledge and
experiences as a means of increasing their ability since they believe ability to be fixed (Dweck &
Leggett, 1988) and therefore impossible to increase. Instead, performance-oriented individuals
focus on normative comparisons of ability rather than personal growth and development. In the
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Mangels et al. (2006) study described above, entity theorists exhibited less neurophysiological
anticipation for learning-relevant feedback compared to incremental theorists, especially after
failure. However, entity theorists eagerly anticipated ability-related feedback. This suggests that
performance-oriented individuals are more interested in validating their ability than learning
from their mistakes. When performance-oriented individuals do not succeed on a task, they tend
to attribute their failure to their own low ability (Ames & Ames, 1984; Elliot & Dweck, 1988;
Butler & Shibaz, 2007). These attributions often result in maladaptive learning patterns such as
helplessness, withdrawal, boredom, decreased persistence and effort, and avoidance of helpseeking (Dweck & Leggett, 1988). Therefore, performance-oriented individuals often choose to
engage in simple activities which highlight their competence to others rather than challenging
ones in which they run the risk of performing poorly.
In sum, Dweck and colleagues (Diener & Dweck, 1978; 1980; Dweck, 1986; Dweck &
Leggett, 1988) proposed a two-dimensional GO construct comprised of mastery and performance
orientations. Mastery-orientation describes an interest in developing skills and focusing on effort
in achievement contexts. As a result, high mastery GO is linked to favorable learning and
performance outcomes. In contrast, high performance-orientation can be characterized by a
motivation to achieve solely for the sake of displaying ability. Those who have dominant
performance orientations are less interested in developing skills compared to those individuals
with dominant mastery GOs and therefore they are less likely to experience positive learning and
performance outcomes.
Since Dweck and colleagues’ early work on GO, scholars have advanced the theory in
two important ways. One topic that has caused confusion in the literature and spurred further
theoretical debate is whether GO is a dispositional or situational construct. The second topic

20

relates to the construct’s dimensionality. In the following sections, I will briefly describe these
issues and present several updated conceptualizations of the GO framework.
Dispositional vs. situational GO. Some researchers have noted (e.g., Button et al., 1996)
that there is confusion in the literature as to how GO is defined. Researchers have
conceptualized and measured GO both as a stable individual difference variable (e.g., Brett &
VandeWalle, 1999) and as a state-like characteristic (i.e., achievement goals) that can be
developed and influenced by environmental factors (Ames, 1992). For example, Elliot and
colleagues’ measure of GO (Elliot & Church, 1997; Elliot & McGregor, 2001; Elliot, McGregor,
& Gable, 1999) asks students about their specific goals for an academic course while others
(Brett & VandeWalle, 1999; Schmidt & Ford, 2003) have measured GO as general learning
approaches. The former seems closer to a measure of achievement goals because it pertains to
specific behaviors that are likely to fluctuate as a function of the environment while the latter
seems to tap more stable, perhaps dispositional, goal-setting tendencies.
While a consensus on this issue does not exist, many scholars support the view of GO as
a disposition (Bell & Kozlowski, 2002; Breland & Donovan, 2005; Brett & VandeWalle, 1999;
Button et al., 1996; Colquitt & Simmering, 1998; Fisher and Ford, 1998; Kozlowski et al., 2001;
Phillips & Gully, 1997). As a disposition, GO reflects general patterns of behavior consistent
with one’s implicit TOI. These general patterns are subsequently associated with specific goals,
learning strategies, and cognitive processes (e.g., Payne et al., 2007). Despite some empirical
evidence suggesting that GO and achievement goals are distinct constructs (e.g., Button et al.,
1996), they tend to have similar learning effects (e.g., Payne et al., 2007; Prager, Naidoo, &
DeNunzio, in preparation). The constructs share the same underlying theory, but differ in that
GO represents a stable learning approach while achievement goals are those that can be
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influenced by situational variables. Therefore, although the present study will focus on the
learning and performance effects of dispositional GO, I will build arguments based on research
on dispositional and state GO (i.e., achievement goals) interchangeably as I expect similar
learning and performance effects for the two constructs.
Dimensionality. Dweck and colleagues’ (Diener & Dweck, 1978; 1980; Dweck, 1986;
Dweck & Leggett, 1988) isomorphic framework laid the foundation for GO theory, but later
conceptualizations expanded the theory. Button et al. (1996) administered a set of measures
(including those for two separate dispositional goal orientations scales) to undergraduate students.
A confirmatory factor analysis (CFA) yielded support for a two-factor structure (i.e., orthogonal
mastery and performance dimensions). Thus one could be high or low on both GO dimensions as
opposed to being either mastery or performance-oriented. Despite support for the two-factor
framework, several studies examining the relationship between performance GO and
achievement outcomes produced inconsistent findings (Elliot & Harackiewicz, 1996; Middleton
& Midgley, 1997), leading some to believe that the GO framework consists of more than two
dimensions.
In resolving these inconsistencies, subsequent theorizing produced a three dimensional
model to better understand the GO construct in relation to achievement outcomes (Elliot &
Church, 1997; Elliot & McGregor, 1999). In their three-dimensional model, Elliot and colleagues
argued that GO involves a mastery GO and two performance orientations. Elliot and Church
(1997) argued for two distinct types of performance goals driven by McClelland’s (1951)
approach and avoidance motivation. Approach motivation describes the tendency to approach
positively-valenced outcomes. Avoidance motivation describes the tendency to avoid negativelyvalenced outcomes. Thus, since performance goals involve normative comparison, performance-
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approach goals are interpersonal goals to outperform others (i.e., achieving a positive end-state),
while performance-avoidance goals are interpersonal goals to avoid being outperformed by
others (i.e., avoiding a negative end-state). For example, an employee may set goals to
outperform his co-workers (performance-approach) or to avoid being the lowest performer on his
team (performance-avoidance). Using CFA, Elliot and colleagues (Elliot & Church, 1997; Elliot
et al., 1999; Elliot & McGregor, 2001) found empirical support for these three independent goalsetting tendencies.
Elliot and McGregor (2001) further proposed a four-dimensional model with the
argument that mastery GO could be bifurcated into approach and avoidance components as well.
They reasoned that mastery GO is not always associated with positively-valenced goals. In their
four-dimensional model, mastery-avoidance is the tendency to focus on avoiding failing to reach
an internally-set standard or failing to develop new skills (i.e., avoiding feelings of
incompetence). An example of a mastery-avoidance goal is striving to not to leave a project
incomplete. Several studies found empirical support for the use of four-dimensional model in
achievement and educational settings (Cury, Elliot, Fonseca, & Moller, 2006; Moller & Elliot,
2006; Naidoo et al. 2012), with results suggesting a four dimensional factor structure and
differential learning, achievement, health, and/or performance effects for each dimension.
Preliminary research on the model also shows differential effects of each of the four dimensions
on learning outcomes (Hulleman, Schrager, Bodmann, & Harackiewicz, 2010; Moller & Elliot,
2006).
Beyond the four-dimensional GO model, scholars have proposed additional GO and
achievement goal dimensions, arguing that the traditional mastery-performance and approachavoidance dimensions are too broad in explaining learning and achievement motivation. Elliot,
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Murayama, and Pekrun’s (2011) 3 x 2 achievement goal framework provided further distinction
of mastery and performance achievement goals, by incorporating goal dimensions pertaining to:
1) absolute demands of a task (e.g., getting an answer right); 2) monitoring one’s performance in
relation to past and future performance; and 3) performance relative to others. Furthermore, the
three goal dimensions described by the authors are either approach or avoidance-oriented,
totaling six goal dimensions. The authors found the 3 x 2 model to be reliable and demonstrated
better fit than the 2 x 2 and trichotomous models. Further, each of the six goals was associated
with distinct patterns of learning and performance outcomes.
Similarly, Hulleman et al. (2010) argued that performance-approach goals are comprised
of multiple dimensions, depending on whether the focus is on outperforming others or outwardly
displaying one’s competence. Further, they argued that mastery-approach goals can be
differentiated depending on whether the focus is on attaining internally-set standards or an
internal desire to improve one’s skills and abilities.
While there may be value in this more granular approach to understanding GO
dimensions, the 2 x 2 and 3 x 2 frameworks may be too complex to interpret and apply in
organizational settings, especially when one is investigating interactions between GO dimensions
and situational and dispositional variables. Further, there has been limited research on these
frameworks and it is unclear how robust they are across learning contexts (Payne et al., 2007).
The three dimensional model has demonstrated adequate construct validity and has consistently
shown strong learning and performance effects across both educational and organizational
contexts (described in the next section). Further, the three-dimensional model remains dominant
in the GO literature (Payne et al., 2007). Therefore, the present research will adopt the threedimensional GO model. In order to bolster the argument that GO impacts managerial learning
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strategies and performance, research detailing the learning effects of GO in both educational and
organizational settings are described next in Chapter IV.
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Chapter IV
Learning and Performance Effects of GO
Effects for Mastery GO on Learning
Studies of GO in educational and organizational settings have typically shown positive
relationships between mastery GO and learning outcomes. Some of those learning outcomes
include training course performance (Bell & Kozlowski, 2002; Brett & VandeWalle, 1999;
Fisher & Ford, 1998; Ford et al., 1998; Klein et al., 2006; Kozlowski et al., 2001; Schmidt &
Ford, 2003), skill transfer (Chiaburu & Marinova, 2005), complex learning strategies (Fisher &
Ford, 1998; Nolen, 1988), deep processing (Elliot & Church, 1997; Dupeyrat & Marine, 2005;
Elliot & McGregor, 2001; Elliot et al., 1999; Nolen, 1988; Stevens & Gist, 1997), metacognition (Bell & Kozlowski, 2008; Ford et al., 1998; Kozlowski et al., 2001; Schmidt & Ford,
2003), motivation to learn (Colquitt & Simmering, 1998), persistence and effort (Wentzel, 1996),
learning self-efficacy (Button et al., 1996; Martocchio & Hertenstein, 2003; Ford et al., 2002;
Kozlowski et al., 2001; Potosky & Ramakrishna, 2002) and desire for feedback (Phillips & Gully,
1997). A meta-analysis by Payne et al. (2007) found consistent support for the positive
association between mastery GO and favorable learning outcomes.
Researchers have investigated the key mediating processes involved in the positive
learning effects for mastery GO. Elliot and McGregor (1999) suggested that mastery-oriented
learners experience positive learning effects because they use deep and effortful cognitive
learning strategies. They found that college students’ mastery goals were more strongly related to
pop quiz scores compared to multiple-choice exam scores. This difference due to exam format
may have reflected differences in level of information processing and internalization of course
material. Elliot and McGregor argued that multiple choice exam performance may benefit from
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superficial learning strategies (i.e., surface processing) in which students must only recognize
correct responses, rather than producing, formulating, or integrating them. In other words,
students can perform well on multiple-choice exams simply by memorizing facts, which does not
require a deep level of information processing. In contrast, unexpected pop quizzes reflect active
integration and retention of course material. High scores on spontaneous quizzes demonstrate
that students have been actively thinking about course material and are less likely to have
engaged in superficial examination preparation techniques such as rote memorization. Therefore,
the stronger positive relationship between mastery goals and pop quiz performance suggests that
mastery GO is associated with active and effortful learning processes that are necessary for
future integration and transfer of information.
Several other studies have found support for the positive effects of mastery GO in
relation to deep or effortful learning strategies (Dupeyrat & Marine, 2005; Elliot et al., 1999;
Mangels et al., 2006; Nolen, 1988). In a training context, Kozlowski et al. (2001) found that
knowledge structure coherence (a form of deep information processing) mediated the
relationship between mastery goals and adaptive course performance. Their path analytic model
is shown in Figure 4.
Effects for Performance-Avoidance GO on Learning
In the goal orientation literature, performance-avoidance GO is generally considered
maladaptive because it is presumed to impede learning by devaluing the internalization of
information (Elliot & Harackiewicz, 1996; Elliot & McGregor, 2001; Elliot et al., 1999; Schmidt
& Ford, 2003; Lau & Nie, 2008; Middleton & Midgley, 1997; Moller & Elliot, 2006; Elliot,
Shell, Henry, & Meier, 2005). This orientation involves a focus on the potential negative
consequences of poor performance in relation to others. Low learning standards are set because
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with performance-avoidance GO, the motivation is to perform the bare minimum so as not to
appear incompetent. This is in contrast to mastery or performance-approach GO in which the
focus is on striving for positive end-states.
Empirical studies have consistently demonstrated negative learning effects of
performance-avoidance GO. Performance-avoidance GO is negatively related to intrinsic
motivation (Rawsthorne & Elliot, 1999), learning outcomes, course performance, and job
performance (Payne et al., 2007), and positively related with worry, task disengagement,
distraction, surface information processing, and disorganization (Elliot & Harackiewicz, 1996;
Elliot & McGregor, 2001; Elliot et al., 1999; Elliot, Shell, Henry, & Meier, 2005; Lau & Nie,
2008; Middleton & Midgley, 1997; Moller & Elliot, 2006). In a training context, Schmidt and
Ford (2003) found that performance-avoidance goal tendencies were negatively related to selfefficacy, declarative knowledge, metacognitive activity, and performance.
Dweck et al.’s research on TOI helps explain the underlying reasons for the negative
learning effects of performance-avoidance GO. Dweck et al. (1995) argued that when
individuals are high in entity TOI and lack self-confidence, which are the factors that likely
underlie performance-avoidance GO (Elliot & Church, 1997), they are on a constant quest for
reassurance. They argued that when faced with challenges, these individuals will call into
question their own ability and any past successes may not be recalled when experiencing failure
during the challenge. Therefore, this orientation is associated with attempts to validate one’s
ability—which is in question—at the expense of learning. Further, avoidance motivation leads
one to interpret challenges as threats and to make salient the potential of failure, which
subsequently evokes anxiety and other processes that inhibit intrinsic motivation (Elliot &
Harackiewicz, 1996).
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For example, consider an employee high on performance-avoidance GO preparing to give
a presentation on a topic that he is not entirely familiar with. In reviewing the material for the
presentation, the employee may be anxious about how others perceive his competence.
Therefore, the focus of preparation is on performing well enough not to be perceived as
incompetent. This concern is likely to override any tendency to use effortful and effective
learning strategies which are typically associated with an intrinsic desire to internalize
information. Rather, the employee may rely on superficial learning strategies (e.g., duplication of
existing materials, focusing on basic points) that may be sufficient to reach the desired outcome
(i.e., delivering the presentation competently).
Effects for Performance-Approach GO on Learning
Performance-approach GO is centered on the motivation to perform well in comparison
to others (Elliot & Church, 1997). The literature on performance-approach GO is mixed, with
some reporting strong positive relationships with learning, performance, and achievement
outcomes and others reporting null or negative relationships. Although the focus of performanceapproach GO is on attaining positive outcomes, there is less motivation to internalize information
compared to mastery GO because the focus is on extrinsic outcomes, such as external
comparisons, rather than skill development and personal growth.
Dweck (1999) posits that the null and negative learning effects of performance-approach
GO result from the focus on validating and reassuring one’s ability undermining the motivation
to pursue learning and development goals. The focus on external comparisons (as opposed to
skill development) results in strategies and behaviors that are less successful for learning than
those associated with mastery GO (VandeWalle et al., 1999). Performance-approach GO is
related to unfavorable outcomes such as anxiety, worry, surface processing of information, and
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unwillingness to seek help from others (Elliot et al., 1999; Middleton & Midgley, 1997). In
educational settings, some studies have reported null relationships with motivationally-oriented
indicators such as positive attitude, interest in class, and enjoyment of lectures (Harackiewicz, et
al., 2002). Further VandeWalle et al. (1999) found null relationships with planning and effort
among salespeople in an organization.
In contrast, some researchers have posited that performance-approach GO can lead to
strong positive achievement outcomes because the orientation promotes a drive to attain positive
outcomes. Empirical research has demonstrated that performance-approach GO has been linked
to favorable achievement outcomes such as effort and persistence, performance, and intrinsic
motivation (Elliot & Church, 1997; Elliot & Harackiewicz, 1996; Elliot & McGregor, 1999;
Midgley et al., 2001). As described in Chapter IV, some of the inconsistent findings related to
the effects of performance-approach GO may be due to potential alternative dimensional
structures (Hulleman et al., 2010).
GO and Performance
Mastery GO and managerial job performance. Given the strong learning effects of
mastery GO described in this chapter, it is no surprise that the research has demonstrated strong
positive effects of GO on performance across contexts. In support of this claim, research has
found positive relationships between mastery GO and performance outcomes such as training
course (Brett & VandeWalle, 1999) and classroom performance (Lau & Nie, 2008). A metaanalysis by Payne et al. (2007) showed that mastery GO predicted job performance above and
beyond cognitive ability, the strongest predictor of job performance in the field of I/O
psychology (see Figure 5). While few studies have demonstrated the positive effects of mastery
GO in relation to managerial job performance specifically, I expect that the focus on personal
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learning and skill development associated with mastery GO promotes the internalization of
information and subsequent effective performance in managerial roles where there is a constant
need for updating skills and knowledge. Therefore, the following is hypothesized:
H1a: Mastery GO is positively related to managerial job performance.
Performance-avoidance GO and managerial job performance. As stated earlier, the
focus of performance-avoidance GO is on the potential negative consequences of poor
performance in relation to others (Elliot & Church, 1997; Elliot & Harackiewicz, 1996) and are
considered maladaptive because they prevent learning. A meta-analysis by Payne et al., (2007)
found negative relationships between performance-avoidance GO and academic performance,
but no studies in their meta-analysis examined performance-avoidance GO in relation to job
performance. One study found that found that performance-avoidance goal tendencies were
negatively related to training performance in an organizational training context (Schmidt & Ford,
2003). Given the generally negative effects of performance-avoidance GO on learning outcomes
and the importance of learning in managerial roles, the following is hypothesized:
H1b: Performance-avoidance GO is negatively related to managerial job performance.
Performance-approach GO and managerial job performance. As discussed earlier,
mixed effects for performance-approach GO are found in the literature (e.g., Midgley et al.,
2001). Despite this inconsistency, the approach component of the orientation indicates an
underlying motivation to achieve positive performance outcomes, even if it does not necessarily
reflect learning. The inherent desire and objective to perform serves as an impetus for an
individual to use whatever means necessary, including “shortcuts” or superficial learning
processes, in order to be perceived as performing well (Midgley et al., 2001). This may explain
why some studies find moderate positive relationships between performance-approach GO and
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performance outcomes (Payne et al., 2007; Senko, Hulleman, & Harackiewicz, 2011). As such, I
expect that performance-approach GO is positively related to job performance, but less strongly
compared to mastery GO. The following is hypothesized:
H1c: Performance-approach GO is positively related to managerial job performance.
Summary of GO Effects
In sum, the extant research literature generally shows that the three GO dimensions
described above are differentially related to learning and performance outcomes. These
orientations are useful in understanding dispositional learning styles that impact achievement
effects across a wide array of contexts. Mastery GO is associated with favorable learning
outcomes while performance-avoidance GO is associated with unfavorable learning outcomes.
The research on performance-approach GO shows mixed effects on learning outcomes, most
likely because this orientation involves both adaptive and maladaptive learning tendencies.
However, I expect this orientation to positively relate to job performance because those who are
performance-approach oriented are motivated to achieve positive performance outcomes.
Despite the fact that most people believe that managerial learning is important, little
empirical evidence describes the role of GO in this process and how learning impacts managerial
performance. I have so far argued that dispositional goal orientation is an important predictor of
managerial learning. Chapter V addresses how specific learning behaviors and strategies
contribute to managerial performance. I start first by describing several theories in the
educational and I/O psychology literatures that serve as a theoretical framework for learning
strategies. Then, I present three specific learning strategies I consider to be pertinent to
managerial learning and propose hypotheses that describe how they are impacted by GO.
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Chapter V
The Relationship Between GO and Learning Strategies
Introduction
While much is known about learning strategies that students use in educational settings,
less is known about how managers learn at work. The ability to independently guide one’s own
learning experiences is critical in the context of managerial work, where many of the skills
required for successful performance (e.g., developing business strategy) are developed on the job
and are not instructed through formal training programs. Enos et al. (2003) surveyed a sample of
188 managers to investigate whether they learned 20 critical managerial skills primarily through
formal or informal methods. They found that of the 20 managerial skills, 16 were considered to
be learned primarily through informal methods by more than 70% of respondents. Only 7 of the
20 skills were reported to be learned primarily through formal methods by more than 20% of
respondents. This is largely consistent with the “70-20-10 folklore” (McCall, 2010), in which 70%
of managerial development efforts should involve on-the-job experiences with the intention of
practicing skills one is trying to develop; 20% should involve learning from other people either
internal or external to the organization; and only 10% should involve formal education,
workshops, and formal training. While the 70-20-10 model may be no more than a rule of thumb,
McCall (2010) argued that informal experiential learning is critical to managerial learning when
also paired with the other two learning approaches.
The literature on managerial learning is largely derived from studies on formal learning
methods such as training and development courses (e.g., Kirkpatrick, 1998). However, the ability
to adapt one’s current skills on a continuous basis cannot be learned through formal training
programs alone (Lowy, Kelleher, & Finestone, 1986; McCall, Lombardo, & Morrison, 1988).
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Additionally, given the fast-paced nature of business and work, training program designers are
typically behind business trends and talent needs (Daudelin, 1996). Therefore, formal programs
may be deficient in helping managers keep up with the fast pace of business change (Hartley,
2000) and they do not provide managers with the skills that are often learned through daily work
experiences (Sheckley & Keeton, 1999).
Organizations may benefit from devoting more attention to understanding informal, onthe-job managerial development. Little theory or research describes different learning strategies
that may be important in managerial settings, though research from the Educational Psychology
literature provides a starting point. Research on important antecedents of learning strategies in
general is sparse, and absent when it comes to GO as a potential antecedent. The following
section describes the research on learning strategies in general and in the managerial context, and
presents arguments for manager GO as antecedent to these strategies. Before focusing on the
variables of interest in the present study, I will present a brief overview of theoretical
frameworks and studies that characterize the research on learning strategies.
Information Processing (IP) Theory
One of the earliest theories to describe learning styles and strategies is Information
Processing (IP) theory (Craik & Lockhart, 1972; Marton & Säljö, 1976; Schmeck, Ribich, &
Ramaniah, 1977). In their seminal study, Marton and Säljö (1976) asked students to read a
passage and later to recall the information they read. Based on post-hoc interviews, they found
that some students tried to memorize the text in the passage so that they could later recall it.
These students tended to have more difficulty remembering the content of the passage because
they did not derive any meaning from their reading. Marton and Säljö termed this approach
surface processing (or surface approach to learning). The second approach involved an attempt
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to identify interrelationships within the text and by making applications to personal experiences
or observations in the real world. These individuals assigned themselves personal responsibility
for coming up with their own logical conclusions and judgments. Since learners thought deeply
and assigned meaning to what they had read, they were better able to recall the content. Marton
and Säljö termed this approach deep processing (or deep approach to learning), a cognitive
process that involves effortful semantic analysis.
Marton and Säljö (1976) explained that these learning approaches may vary within
individuals depending on environmental factors. Specifically, they cited some of their research in
which students who were provided with a reading passage along with guiding questions favoring
a surface processing approach (e.g., can you summarize the content of each sub-section?)
performed poorly on a retention measure following the passage compared to a control group that
received no questions. The guiding questions cued the participants to focus on memorizing the
material rather than deriving meaning from it. In another study, an experimental group that
received guiding questions which required participants to think about how logical assumptions
related to a conclusion (favoring a deep processing approach) performed significantly better than
participants in a surface condition. However, it is important to note that not all of the participants
in this condition adopted a deep learning approach. Marton and Säljö (1976) explained that this
could have been attributed to differences in the interpretation of questions. Some students
interpreted the questions as encouraging a deep understanding of the materials, while others,
anticipating having to recall the passage at the end of the study, relied on surface techniques
because that was what was required of them (summarizing). Therefore, these participants were
not interested in fully understanding the material.
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It is unclear whether Marton and Säljö’s (1976) conceptualized deep/surface approaches
as dispositional orientations, state-like strategies that can change across contexts, or both. As a
state, some researchers have theorized that these approaches are outcomes of dispositional
orientations such as GO (e.g., Payne et al., 2007). These studies demonstrated that high mastery
GO is associated with the motivation to internalize and apply knowledge and thus high-effort
strategies are used to derive meaning from learning material (deep processing). Low mastery GO
(or high performance orientation) is not associated with a focus on one’s learning, and therefore
strategies are used to solely meet achievement expectations, much like the example described
earlier in which individuals used lower-effort memorization techniques so that they could
perform well on the retrieval task (surface approach).
While Marton and Säljö’s (1976) deep/surface framework is important in describing
general learning approaches, the strategies described in this area of research are limited to
educational contexts in which the primary goals and objectives of learning is to perform well on
exams or assignments. Therefore, the theory is heavily focused on study habits and
memorization. As such, other theories may provide a richer understanding of learning
approaches in informal managerial work contexts.
Self-Regulated Learning Theory (SRL)
Another theory that underlies learning strategies is Self-Regulated Learning (SRL). This
framework expanded IP theory by proposing that learners use a variety of voluntary strategies—
both cognitive and social—when engaging in learning pursuits. Self-regulated learning is
described as “a process in which individuals take the initiative, with or without the help of others,
in diagnosing their learning needs, formulating learning goals, identifying human and material
resources for learning, choosing and implementing appropriate learning strategies, and
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evaluating learning outcomes” (Knowles, 1975, p. 18). Originally derived from in-depth
interviews and surveys of college students (e.g., Entwistle & Waterston, 1988; Marton & Säljö,
1976), SRL proposes that learners vary in the extent to which they engage in cognitive,
metacognitive, and self-regulatory processes in achievement contexts.
Pintrich (2000a) argued that SRL theory is based on several key principles. First, learners
are actively engaged in the learning process. They are responsible for creating their own goals,
strategies, and interpretations of information available in the learning environment. Similar to
GO, it is assumed that individuals vary to the extent in which they are actively involved in the
learning process. Second, consistent with Bandura’s Social Learning Theory (1977), learners
have the ability to control various aspects of their learning experience. This means that learners
can monitor their own progress and regulate their motivation, cognitions, emotions and some
aspects of the environment (e.g., choosing where they work). Third, SRL strategies are mediators
between environmental/personal characteristics and achievement/performance. In other words,
individuals’ dispositional characteristics or environmental contexts do not solely impact learning
or development. Rather, these relationships are explained through the effect of one’s selfregulation of cognition, motivation, and behavior. I will return to this assumption in later
sections when I describe the antecedents and correlates of learning strategies.
Several different SRL models have been proposed in the literature (Garcia & Pintrich,
1994; Pintrich, 1988; Pintrich, 1989; Pintrich & DeGroot, 1990; Pintrich & Garcia, 1991). For
the purposes of the present study, I will investigate only those strategies that have applicability to
managerial job performance. Specifically, these include elaboration, effort regulation, and active
feedback seeking. These distinct learning dimensions have demonstrated adequate reliabilities
and good factor structures, contributing to their overall construct validity (Pintrich & DeGroot,
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1990; Pintrich, Smith, García, & McKeachie, 1993; Winne et al., 2001; Winne and Perry, 2000)
in academic contexts. For each learning strategy, I will first present theoretical and empirical
work and application to managerial work. I will argue that these learning strategies enable
managers to be nimble in dynamic and fast-paced business environments, that application of
these strategies is critical to the managerial role, and that managers’ GOs predict the use of each
strategy. Finally, I will propose hypotheses for relationships among GO and learning strategies.
Elaboration. Elaboration is the cognitive process in which an individual actively thinks
about their personal experiences in order to learn from them (Hullfish & Smith, 1961; Pintrich,
1991; Weinstein & Mayer, 1986). Elaboration involves the accommodation of incoming
information to existing knowledge or memory of experiences in order to integrate knowledge in
a meaningful manner (Garrison, 1997). An example of elaboration is thinking about failures on
past projects in order to avoid making the same mistakes on an upcoming project. Some
organizational scholars argue that effective workplace learning is contingent upon employees’
ability to actively reflect on their experiences (Hall, 2002; Siebert & Daudelin, 1999).
The importance of elaboration is widely discussed in the managerial learning literature.
McCall and colleagues (McCall, 1994; McCall et al., 1988) pointed out that managers and
executives are often forced to take action and learn from the consequences of their actions
through an interpretative process that occurs after their work experiences (Marsick & Volpe,
1999). As described by Transformative Learning and Experiential Learning (EL) theorists (Kolb,
1984; Mezirow, 1991; Taylor, 1997), managers form mental maps of their work experiences
through associated concepts, values and feelings over time. These experiences are understood
through a structure of assumptions called frames of reference, which in turn shape expectations,
perceptions, cognition, and feelings. Put simply, daily work experiences, failures, and successes
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serve as triggers for learning, whereby critical reflection of the experience solidifies one’s
learning and behavioral change (Kolb, 1984; McCall, 1994; McCall et al., 1988; Mezirow, 1997).
Elaboration and mastery GO. Elaboration is a reflective and high-effort learning
strategy that requires careful thought about one’s experiences so that they can apply learnings to
future scenarios. Therefore, those who are focused on self-development are more likely to
engage in elaboration than those who are not interested in learning. In relation to GO, high
mastery GO is associated with developing a comprehensive understanding and mastery of a skill
or knowledge domain, and therefore those high in mastery GO are likely to engage in effortful,
deep, and reflective cognitive processes as a means of learning or skill acquisition. As discussed
in previous sections, mastery GO tends to be related to deep processing (Elliot & Church, 1997;
Dupeyrat & Marine, 2005; Elliot & McGregor, 2001; Elliot et al., 1999; Nolen, 1988; Stevens &
Gist, 1997), an effortful cognitive process similar to elaboration in which individuals actively
form associations between concepts. Using the Motivated Strategies for Learning Questionnaire
in educational settings (MSLQ; Pintrich et al., 1993), Pintrich et al. found that mastery goals
were strongly related to cognitive learning strategies, of which elaboration was one, and Fisher
and Ford (1998) found similar effects of mastery GO on elaboration using an undergraduate
training sample. Mastery GO likely drives effortful elaboration strategies in which managers will
take the time to reflect on how the current situation relates to previous experiences, and what
useful knowledge can be applied from them.
H2a: Mastery GO is positively related to elaboration.
Elaboration and performance-avoidance GO. High performance-avoidance GO is
associated with self-regulation to avoid negative outcomes. This self-regulation often interferes
with task engagement and subsequent achievement (Elliot & Harackiewicz, 1996; Graham &
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Golan, 1991). Rather than focusing on semantic analysis, those high in performance-avoidance
GO tend to use shallow, superficial and low-effort cognitive strategies such as memorization and
avoid seeking help from others when they do not understand material (Elliot & Harackiewicz,
1996; Elliot & McGregor, 2001; Elliot et al., 1999; Middleton & Midgley, 1997; Moller & Elliot,
2006). Since elaboration is an effortful and deliberate strategy that requires deep levels of
analysis, it likely that performance-avoidance GO will be negatively associated with the use of
this strategy.
H2b: Performance-avoidance GO is negatively related to elaboration.
Elaboration and performance-approach GO. The research on the effects of
performance-approach GO on elaboration is mixed. Performance-approach GO has been
positively linked to deep (Barker, McInerney, & Dowson, 2002; Prager, Naidoo, & DeNunzio, in
preparation) and superficial learning strategies (Elliot & McGregor, 2001). As stated earlier,
individuals high in performance-approach GO strive to obtain positive performance evaluations
and outperform others, but have little interest in personal growth or learning. Therefore, it is
unlikely that individuals high in this orientation would engage in effortful cognitive learning
strategies. Given these findings, I expect to find that performance-approach GO is negatively
related to elaboration.
H2c: Performance-approach GO is negatively related to elaboration.
Effort Regulation
Effort regulation is the extent to which one controls one’s efforts and attention when
engaging in uninteresting work or when faced with distractions (Pintrich et al., 1991). This
strategy, part of SRL’s self-regulatory learning strategy dimension, is derived from the literature
on metacognition, an individual’s knowledge of and control over his or her thoughts (Ford et al.,

40

1998). Effort regulation is a form of metacognitive knowledge in which a learner is cognizant of
his or her attentional focus and the strategies which he or she uses to direct focus on work.
Effort regulation involves constant monitoring of cognitive resources and an informal calculation
of the effort and attention needed to persist and excel on a task. Low levels of effort regulation
tend to result in task withdrawal when interest in or perceived importance of a task declines
(Weinstein & Mayer, 1986).
Effort regulation allows one to filter out distractors or noise which may impede
performance and channel additional attentional resources to important and critical features of a
task. While effort regulation has rarely been explored within the context of managerial work, it
is expected that the extent to which a manager engages in effort regulation is directly
proportional to the quality of direction and guidance provided for a task or project. For example,
a manager may conceive of an idea for a new initiative or project. While the idea may have been
conceived, perhaps the details and intricacies of the specific tasks have not been fully considered.
A manager who uses a high degree of effort regulation is likely to persist in understanding key
elements of a task even if they are difficult to understand. As a result, they are better able to
provide direction and guidance to others in successfully completing the assignment (Tsui &
Ashford, 1994). In contrast, managers who do not exhibit high effort regulation are likely to lose
focus with complex initiatives and thus withdraw from the task, perhaps delegating the majority
of the project work to a subordinate or peer.
Not surprisingly, numerous studies have demonstrated the positive effects of effort
regulation in relation to academic performance (Chen, 2002; Credé & Phillips, 2011; Lynch,
2006; Richardson, Abraham, & Bond, 2012; Ruffing, Wach, Spinath, Brunken, & Karbach, 2015;
Pintrich & DeGroot, 1990; Vrugt & Oort, 2008) and training task performance (Fisher & Ford,

41

1998). In a meta-analysis of MSLQ learning strategy subscales and academic performance,
Credé and Phillips (2011) found true score correlations of ρ = .23 for GPA and ρ = .40 for
current course grades.
Effort regulation and mastery GO. High mastery GO is associated with the striving to
develop a comprehensive understanding of a skill or knowledge domain and the belief that
abilities can be enhanced through increased effort and skill maintenance (Payne et al., 2007).
Consistent with GO theory and Kanfer and Ackerman’s (1989) assertion that motivational
orientations influence attention and energy devoted to skill acquisition, individuals high in
mastery GO are likely to monitor and regulate their learning progress and deliberately adjust
levels of effort when they experience difficulty (Wentzel, 1996). Two studies in the
organizational literature (Stevens & Gist, 1997; VandeWalle, Brown, Cron, & Slocum Jr., 1999)
found positive relationships between mastery GO and strategies involving the awareness and
regulation of effort exerted on a task. Further, using an undergraduate training sample, Fisher
and Ford (1998) found that mastery GO was positively related to mental workload (signifying
high exertion and maintenance of effort), and negatively related to off-task attention (low
exertion and maintenance of effort). In an educational setting, Pintrich et al.’s (1993) study found
that mastery goals were positively related meta-cognitive strategies that included effort
regulation techniques.
Since mastery GO is associated with the perception that effort is a critical path to growth,
and given the few studies that demonstrated a link between GO and effort regulation, the
following is hypothesized:
H3a: Mastery GO is positively associated with effort regulation.
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Effort regulation and performance-avoidance GO. Since high performance-avoidance
GO is associated with the belief that ability is fixed, individuals high in this orientation tend to
think that effort does little to enhance abilities (Ames, 1992). Therefore, high performanceavoidance GO is thought to be negatively related to strategies that involve monitoring and
regulation of effort (Kanfer, 1992). Effort regulation strategies require deliberate and careful
analysis of one’s learning activities, which contrasts the superficial learning behaviors associated
with performance-avoidance GO. Both Fisher and Ford (1998) and VandeWalle et al. (1999)
found partial support for this claim, finding a negative relationship between performance goal
orientation1 and effort strategies.
Despite limited research in this area, it seems plausible that the fixed theories of ability
associated with performance-avoidance GO will reduce the potential for those high in this
orientation to consistently engage in effort regulation. Therefore, the following is hypothesized:
H3b: Performance-avoidance GO is negatively associated with effort regulation.
Effort regulation and performance-approach GO. No studies to my knowledge have
investigated the effects of performance-approach GO on effort regulation. As stated earlier,
performance-approach GO is related to several positive variables in the educational literature,
including exerted effort (Bouffard, Boisvert, Vezeau, & Larouche, 1995; Elliot & McGregor,
1999; Elliot, McGregor, & Gable, 1999). However, Midgley et al. (2001) note that other studies
have reported null or negative relationships, consistent with research linking the orientation to
avoidance of deep and effortful cognitive learning processes (Moller & Elliot, 2006). They
1

Fisher and Ford (1998) and VandeWalle et al. (1999) examined the effects of performance GO
only, with a scale comprised of performance-approach oriented items. Considering that
performance-approach GO is typically associated with more favorable achievement, learning,
and performance effects over performance-avoidance in the literature, I expect that the negative
relationship between performance-avoidance GO and effort regulation strategies is even stronger
than this prior research suggests.
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explain that the type of effort matters in explaining these outcomes. Since performance-approach
GO is associated with positive displays of performance, then effort will be expended in order to
demonstrate this competence, which may explain the positive relationships between
performance-approach GO and expended effort.
However, the construct of effort regulation goes beyond simply expending effort. Effort
regulation involves continuously monitoring and adjusting effort directed specifically at learning
and development activities. Therefore, given the superficial focus of performance-approach GO,
I expect to find negative effects on effort regulation.
H3c: Performance-approach GO is negatively related to effort regulation.
Active Feedback Seeking
An additional strategy likely to be critical for managerial learning which is not directly
referenced in the SRL framework is active feedback seeking. Ashford, Blatt, and VandeWalle
(2003) argued that in the modern knowledge-based organization (Drucker, 1991), it is difficult
for employees to determine if they are prepared or capable for doing their work because
knowledge is abstract and intangible. Therefore, it is up to the employee to frequently seek
feedback on their performance and ability. Feedback seeking is even more important for
managers as they shift away from visible technical skills to more broad-based knowledge.
Further, Ashford et al. (2003) noted that as managers ascend the organizational hierarchy, the
amount of spontaneous feedback received from others declines, and therefore it is the manager’s
responsibility to proactively seek feedback. Finally, feedback is especially important at higher
levels of management where critical knowledge and skills are abundant and complex (McCall et
al., 1988), and therefore skill or knowledge proficiency is not always self-evident to managers.
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Organizational scholars (e.g., Ashford, 1986) posit that the decision to ask for feedback is
rooted in cost-value analysis where the feedback seeker evaluates the perceived benefits of
asking for feedback (e.g., reduced uncertainty) against the perceived costs (e.g., portraying
oneself as uncertain or incompetent). A meta-analysis by Anseel, Beatty, Shen, Lievens, and
Sacket (2015) found that cost perceptions negatively and value perceptions positively influence
feedback seeking behaviors. Relatedly, McCall (1994) noted that successful managers are those
who are not intimidated by criticism and are open to candid feedback. They actively seek
feedback, even when others are reluctant to give it; these individuals are capable of learning from
their successes and failures and think about them objectively when faced with new work
challenges. Effective managers are not afraid of making mistakes and see mistakes as a pathway
to improvement. McCall further describes successful managers as those who are honest and are
effective in creating environments where others will respond in an open, honest, and candid
manner. These managers lack defensiveness when being criticized and provide candid feedback
to others in return. When seeking feedback, they ask specific and detailed questions from
multiple sources in order to develop their skills.
Garrison (1997) noted that the feedback process involves not only seeking feedback, but
also integrating the feedback into existing belief and knowledge structures. For example, a
manager seeking feedback about his leadership style may receive information that is highly
discrepant from his existing views. In that case, the manager may find it difficult to
accommodate this information into his existing knowledge structures and insist that his
perception is accurate while arguing that others’ perceptions are biased or inaccurate. As a result,
the manager will likely hold onto his personal beliefs and reject feedback from others, preventing
any potential for improvement in his leadership style.
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Active feedback seeking and mastery GO. As stated earlier, mastery-oriented
individuals are comfortable in exposing knowledge or skill gaps to others as this is a natural part
of skill development (Dweck & Leggett, 1988). Therefore, they are likely to welcome help and
feedback from others in order to enhance their skills (Ames & Ames, 1984; Ryan & Pintrich,
1997; Elliot & Dweck, 1988; VandeWalle & Cummings, 1997). Individuals high in mastery GO
should also want to seek feedback because they view feedback as a diagnostic mechanism to
improve their abilities and perceive high expectancy value for development and growth
(VandeWalle, 2004). Several studies support the positive relationship between mastery GO and
feedback seeking behavior (Anseel et al., 2015; VandeWalle & Cummings,1997), Further,
VandeWalle and Cummings’ (1997) results indicated that individuals high on masteryorientation perceived greater value and fewer costs (e.g., threats to one’s image) associated with
feedback seeking compared to those low on mastery GO. Therefore, because of its association
with efforts to improve personal abilities, I expect that mastery GO is positively associated with
active feedback seeking.
H4a: Mastery GO is positively associated with active feedback seeking.
Active Feedback Seeking and Performance GO. The relationship between both
performance-avoidance and performance-approach GO in relation to feedback seeking is less
clear in the literature. As noted in earlier chapters, performance GO is associated with
demonstrating competence, normative comparisons, and portraying oneself in a favorable (or not
unfavorable) way. Individuals high in performance orientation are interested in feedback
primarily for the purpose of validating their abilities to others and therefore they may avoid
seeking feedback for fear that they will receive negative feedback that will make them appear
incompetent (VandeWalle & Cummings, 1997). Anseel at al. (2015) pointed out that feedback
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may indicate that one did not reach one’s performance expectations which, combined with the
tendency to demonstrate anxiety and fear of failure, may prevent performance-oriented
individuals from seeking feedback. Based on this perspective, performance-avoidance and
performance-approach GO would be negatively associated with feedback seeking.
Despite this claim, Anseel et al. (2015) found positive correlations between performance
goal orientation and feedback seeking behaviors (ρ = .20, k = 7) in their meta-analysis. When
positive feedback is expected, performance-oriented individuals may likely seek out the positive
feedback in public in order to bolster their reputation (Janssen & Prins, 2007; Park, Schmidt,
Scheu, & DeShon, 2007). Feedback can also be helpful in improving long-term performance
such that the individual can consistently outperform others (Kaplan & Maehr, 2007) and
therefore the benefits of feedback may outweigh the risks of receiving negative feedback in some
cases. It is important to note that Anseel et al. (2015) did not measure performance-avoidance
and performance-approach GO separately and the authors encouraged further investigation on
the differential effects of the two performance GO dimensions in relation to feedback seeking.
In differentiating performance-approach and performance-avoidance GO, I expect that
factors such as worry, anxiety, and lower performance associated with performance-avoidance
GO negatively impact one’s openness to feedback (Chen et al., 2000). Strong performanceavoidance GO is associated with avoidance of negative evaluations and exposing uncertainty and
need for help (Karabenick, 2003; Park et al., 2007). In support of this claim, several studies have
found strong negative relationships between performance-avoidance GO and feedback seeking
behaviors (Park et al., 2007; VandeWalle & Cummings, 1997). Therefore, I expect performanceavoidance GO to be negatively related to active feedback-seeking.
H4b: Performance-avoidance GO is negatively related to active feedback seeking.
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Studies of the effects of performance-approach GO on feedback-seeking are mixed with
some finding positive effects (e.g., Porath & Bateman, 2006), while other finding null or
negative effects. If those high in performance-approach GO believe that they may not have met
performance expectations and anticipate negative feedback, then they are unlikely to seek
feedback. Conversely, if they expect positive feedback, then they will likely seek it (Anseel et al.,
2015; Jansenn & Prins, 2007). However, given the focus on attaining positive outcomes and
desire to outperform others, I expect that generally those high in performance-approach GO will
seek feedback to validate their abilities and performance and to demonstrate their competence to
others.
H4c: Performance-approach GO is positively related to active feedback seeking.
Summary of GO and Learning Strategies
The educational, cognitive, and I/O psychology literatures present several learning
strategies that are important for managers. It is important for organizations to identify effective
learning strategies in order to guide managerial development programs and to accelerate high
potential talent throughout the organization. As an antecedent of learning strategies, GO may
provide us with useful information on which types of individuals are likely to use these strategies.
Having this understanding may help organizations identify high-potential employees and target
the development of learning strategies through developmental programs. Few empirical studies
have investigated the links between GO, learning strategies, and job performance among
managers in informal work settings. The purpose of the present study is to provide an empirical
test of my theoretical model which encompasses these variables.
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Chapter VI
Learning Strategies as Mediators of the GO-Job Performance Relationship
Thus far, I have presented research on the effects of dispositional GO on learning
strategies. I have argued that GO is a generally stable dispositional construct that is associated
with distinct learning patterns. However, most of the research has focused on students in formal
learning environments and little research has empirically investigated learning and performance
effects of GO with managerial samples. Given the fast-paced, complex, and undefined nature of
the environments that managers typically work in (Charan, Drotter, & Noel, 2010), it is
important for organizations to understand how to identify those who are capable of learning in
these environments. To this end, the present chapter describes research linking learning strategies
with performance in managerial roles. The section concludes with hypotheses proposed for the
mediating role of learning strategies in the relationship between GO and managerial job
performance.
Learning Strategies and Managerial Job Performance
Elaboration and managerial job performance. Elaboration, the process of actively
reflecting on past experiences and information, is likely to benefit managerial job performance
because it enables managers to (a) organize and connect critical pieces of information and (b)
divert failures and repeat successes learned from prior experiences. The elaboration learning
strategy is likely to positively impact learning outcomes because of the deep analytical thinking
involved (Weinstein & Mayer, 1986). Not surprisingly, correlational studies in academic
contexts by Pintrich and De Groot (1990) and Pintrich et al. (1991) have demonstrated positive
relationships between elaboration and overall course grades, exams and quizzes, essays and
reports in educational settings. A meta-analysis by Richardson et al. (2012) found that
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elaboration was positively associated with academic performance (r = .18). Confirmatory factor
analyses indicate that elaboration is distinct from other learning strategies (Pintrich, Smith,
Garcia, & Mckeachie, 1993).
Only recently has elaboration been empirically investigated in the context of informal
learning in the workplace (Anseel, Lievens, & Schollaert, 2009; DeRue & Wellman, 2009;
DeRue, Nahrgang, Hollenbeck, & Workman, 2012). In these studies reflection, a form of
elaboration, was experimentally manipulated such that the participant is asked to think about past
experiences and to generate specific examples. These studies have generally found positive
effects of the use of elaboration on self-produced work insights (Wood Daudelin, 1996), and
perceived leadership gains (DeRue et al., 2012). A more recent study by DeRue et al. (2012)
found that elaboration techniques have positive effects on the development of leadership skills.
They found that MBA students who participated in a reflective leadership development program
in which they were instructed to monitor, explain, and identify alternative leadership approaches,
demonstrated significantly larger gains in leadership skills (as measured by an adapted version of
Halpin’s (1957) Leader Behavior Description Questionnaire) compared to a control group.
DeRue et al. concluded that these elaboration techniques enabled individuals to integrate and
apply lessons learned from various work experiences.
The effects of elaboration are likely to be especially strong outside of formal training or
educational environments. Elaboration is similar to training transfer, a cognitive process in
which learners apply learned skills from training programs to their jobs (Baldwin & Ford, 1988),
resulting in increased job performance (Goldstein & Ford, 2002). Both involve active integration
and application of new information into existing knowledge structures. Enos et al. (2003) argued
that skills and knowledge learned in informal contexts are likely to be more readily transferred
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than skills learned in formal training programs because the context in which they were learned
informally (i.e., on the job) matches the context in which they must be applied (i.e., on the job).
In contrast, in a formal training program skills are often learned through artificial scenarios (e.g.,
simulations or readings) thereby making elaboration and subsequent transfer more difficult.
However, a key assumption of this argument is that managers are elaborating on the “right”
information in a way that benefits their performance. The key difference between elaboration in
formal and informal environments is that there is more control over what is learned and reflected
on in formal environments. It is impractical to measure the content of information being reflected
on or how relevant it may be to job performance given the likely variability in this depending on
the specific issues that individual managers or organizations are encountering. However, there is
evidence that elaboration is likely to positively impact performance, and currently there is no
evidence to suggest that it would undermine performance. Therefore, I expect elaboration to
positively impact managerial job performance.
H5: Elaboration is positively related to managerial job performance.
Effort regulation and managerial job performance. In relation to managerial learning,
effort regulation strategies enable managers to appropriately channel energy, attention, and effort
to learning and development areas. Managers’ with strong effort regulation may be better able to
devote their effort and attention to keep abreast of organizational, industry, and technological
developments and the skills needed to stay current in the workplace. In turn, such effort
regulation is likely to positively impact job performance since it enables managers to further
enhance their skills and knowledge needed to effectively direct new initiatives and strategies.
While research on the relationship between effort regulation and performance is limited
in workplace contexts, several studies in the educational literature have demonstrated strong
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positive effects. Pintrich et al. (1993) found a strong and significant positive relationship
between effort regulation and final course grades (r = .32) among college students. Of the nine
learning strategies included in the MSLQ, effort regulation demonstrated the strongest
correlation with final course grades. Further, Schwinger, Steinmayr, and Spinath (2009) found
strong positive relationships (r = .32) between effort management techniques and GPA among
11th and 12th grade high school students. Richardson et al.’s (2012) meta-analysis found that of
the learning strategies discussed in the Educational Psychology literature, effort regulation shows
the strongest association with academic performance (r =.32). Further, in a study of 461
undergraduate students at a university in Germany, Ruffing et al. (2015) found that effort
regulation explained 10% incremental variance in academic performance beyond general
cognitive ability.
Only one study to my knowledge investigated similar effects in the workplace, although
effort regulation was not directly measured. Specifically, VandeWalle et al. (1998) found that
intended effort mediated the relationship between mastery GO and sales performance among a
sample of salespeople.
In sum, theoretically, effort regulation should enable managers to monitor and control the
effort they expend on learning new skills or information or pursuing developmental assignments.
As a result, managers are able to build the skills and knowledge needed to effectively direct new
initiatives and strategies. Those who engage in low levels of energy regulation likely withdraw,
delegate, or de-prioritize work that requires substantial effort and focus. Taken together with the
sparse but suggestive research on effort regulation and job performance, a positive relationship is
expected.
H6: Effort regulation is positively related to managerial job performance.
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Active feedback seeking and managerial job performance. As stated earlier, relying
on periodic performance appraisals or other formal methods of feedback is inadequate in
knowledge organizations where it is difficult to determine if one is performing well (Ashford et
al., 2003). Further, given the growing trend of globalization and telework, many managers find
themselves physically isolated from others, reducing the potential for informal feedback sharing.
Therefore, the tendency to actively seek out development feedback is an important behavior that
allows managers to increase the accuracy of their self-views (Ashford et al., 2003), clearly define
their roles (Ashford & Cummings, 1983), gauge their level of effort and progress, and correct
errors over time, all of which are argued to positively impact work performance (VandeWalle,
Ganesan, Challagalla & Brown, 2000).
However, the relationship between feedback seeking and job performance is complex
(see Kluger & DeNisi, 1996) and some warn that feedback can have both positive and negative
performance effects, depending on variables such as feedback source, whether the feedback
indicates change is necessary, whether immediate action is taken as a result of feedback (Smither,
London, Reilley, 2005), and the use of other parallel learning strategies such as elaboration or
reflection (Anseel, Lievens, & Schollaert, 2009; Strange & Mumford, 2005). Others have found
that feedback helps to reduce uncertainty, thereby leading to improved job performance (Ashford
et al., 2003; VandeWalle et al., 2000). In other words, as a result of seeking feedback, employees
are often more certain as to which areas they should leverage and which areas they need to
devote more developmental attention in order to improve their job performance. Several studies
have demonstrated empirical support for the relationship between feedback-seeking behavior and
job performance (Ashford & Tsui, 1991; De Stobbeleir, Ashford, and Buyens, 2011; Morrison,
2002).
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Despite the lack of consistent results related to job performance effects of feedback I
expect that managers who actively seek feedback will gain insights related to their skill or
knowledge deficiencies. As a result, they are better able to direct subsequent behaviors to address
those deficiencies, leading to improved job performance. Therefore, I expect active feedback
seeking to positively relate to managerial job performance.
H7: Active feedback seeking is positively related to managerial job performance.
Interaction of elaboration and active feedback seeking. Several studies have
suggested that positive learning and performance effects are especially strong when elaboration
is paired with feedback seeking. In fact, several studies have found positive learning effects of
elaboration only when there is access to feedback. In one such study, Anseel et al. (2009)
examined the learning effects of feedback and elaboration among 640 employees, they found that
those who were provided with feedback on a work simulation and asked to think about positive
and negative examples of behaviors displayed during the simulation (i.e., elaboration)
experienced greater learning gains than those who were provided only with feedback. They
noted that elaborating without feedback may cause learners to experiment with a variety of work
approaches and strategies, some of which may be ineffective. In relation to managerial learning,
Strange and Mumford (2005) found that reflection strategies were associated with improved
leader vision formation only when they were exposed to feedback on how to form effective
visions. However, without this feedback, reflection strategies were not positively associated with
performance on the vision formation task. Therefore, I expect to find greater performance effects
when both elaboration and feedback-seeking are high.
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H8: Active feedback seeking moderates the effects of elaboration on managerial job
performance such that the positive effects of elaboration on performance are stronger
when active feedback seeking is high rather than low.
Learning Strategies as Mediators of GO-Performance Relationship
In Chapter IV, I argued that GO is related to specific learning strategies. I noted that
managers high on mastery GO tend to have interests in professional growth, development, and
skill acquisition. Thus, a mastery GO tends to produce deep, deliberate, and effortful learning
strategies such as elaboration, effort regulation, and active feedback seeking. Conversely,
managers high on performance-avoidance GO are threatened by the prospect of displaying poor
performance, and managers high on performance-approach GO are too narrowly focused on
performance outcomes. This concern impedes adaptive learning behaviors. Indeed,
performance-avoidance and performance-approach GOs are characterized by disorganization,
worry, and low-effort learning strategies (e.g., Moller & Elliot, 2006). Therefore, those with
high performance-avoidance and performance-approach GO are unlikely to engage in effortful
and structured thought processes such as elaboration, effort regulation, and active feedbackseeking. These three learning strategies in turn are likely to benefit managerial job performance
when adopted, as argued in prior sections of this chapter.
In sum, I propose that learning strategies partially mediate the relationship between GO
and managerial job performance. Partial mediation is proposed because it is likely that GO
impacts performance through variables such as persistence, learning self-efficacy (Button et al.,
1996; Martocchio & Hertenstein, 2003; Ford et al., 2002; Kozlowski et al., 2001; Potosky &
Ramakrishna, 2002), learning and performance goals (Brett & VandeWalle, 1999) and other
effective strategies not investigated in the present study.
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H9: (a) Elaboration, (b) effort regulation, and (c) active feedback seeking partially
mediate the positive relationship between mastery GO and managerial job performance.
H10: (a) Elaboration, (b) effort regulation, and (c) active feedback seeking partially
mediate the negative relationship between performance-avoidance GO and managerial
job performance.
H11: (a) Elaboration and (b) effort regulation partially mediate the negative relationship
between performance-approach GO and managerial job performance.
Thus far, I have discussed the impact of dispositional GO and learning strategies on job
performance. The next chapter focuses on situational factors that impact managerial learning
and job performance. Managers may be influenced to use adaptive learning strategies because
they generally perceive learning and development to be supported and valued by the organization
or they are explicitly encouraged to do so by their managers or organizations. In the next chapter
I describe the literature on these constructs and then make the case that they impact managers’
learning strategies and job performance.
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Chapter VII
Organizational and Managerial Support for Learning
Overview
Thus far, I have described the role of dispositional and behavioral learning processes in
relation to managerial job performance. Learning does not occur in isolation within organizations,
and therefore in addition to exploring effects of individual differences and learning strategies, it
is important to investigate situational factors as well. In the following section, I will review some
of the literature pertaining to situational effects on learning within organizations. In particular, I
will discuss theories related to learning organizations, cultures, and climates en route to
introducing two situational variables of interest in the present study – organizational and
managerial support.
Learning Organizations, Cultures, and Climates
Several theories pertain to the influence of the broader organizational environment on
individual employee learning. Learning organizations are those in which there is a consensus
among employees to the extent to which the organization values learning, invests in innovation,
and consequently strive for high performance (Kozlowski & Hults, 1987; Rosow & Zager, 1988).
Learning organization theorists are particularly interested in how the organization learns through
structured processes and practices. These organizations acquire knowledge, adapt, and perform
by encouraging employees to learn new techniques or procedures for improving their
performance and exerting effort towards learning (Stevens & Gist, 1997). They also encourage
and institutionalize processes and programs that enable employees to exchange information with
each other and encourage flexibility and experimentation on the job (Kaiser & Holton, 1998;
Gephart et al., 1996). Learning organizations facilitate growth because they support risk-taking

57

and experimentation (Bates & Kasawne, 2005). Organizations’ ability to promote selfdevelopment is especially important during turbulent or unstable economic conditions when
employees are required to adopt an immediate response to the changing needs of the organization
and its stakeholders.
Watkins and Marsick (1993) provided the most comprehensive conceptualization of the
learning organization to date. They posited that learning organizations institute formal
mechanisms to support the acquisition and distribution of information, and provide rewards and
recognition for learning in an effort to improve “knowledge performance.” According to
Watkins and Marsick, learning takes place at the individual, team, and organizational levels, and
effective learning organizations integrate learning through those structured processes across the
three levels to facilitate change.
Yang, Watkins, and Marsick (2004) argued that organizations need to work with people
at the individual and group level first. That is, organizations must provide opportunities and
empower individuals to learn. Learning at the individual level then prompts learning at the team
or group level. Specifically, learning occurs when challenges, surprises, or triggers (i.e., stimulus)
stimulate responses and individuals select strategies or actions in response to the stimulus. These
strategies are determined by the individual’s perceptions, values, beliefs, and prior experiences.
When the strategy or action is effective, it is used again and embedded within a person’s routine.
When it is ineffective, it is re-evaluated and another strategy is used. The result of these
collective learning processes and changes lead to new organizational practices and routines that
support learning in an effort to improve organizational performance, which in turn creates a
strong organizational learning culture (Baetz, 2003; Campbell & Cairns, 1994; Marsick &
Watkins, 2003).
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Learning cultures are core components of learning organizations and are based on a
pattern of shared basic assumptions that the organization learned as it solved its problems,
adapted to external competitive and market factors, and integrated internal structures and
practices as a result of continuous and effective use (Schein, 1992). According to Schein (1992),
adapting to external changes and integrating internal structures are critical to the survival of an
organization and those two factors must be aligned to ensure there is an adequate response to the
environment. Schmitz, Rebolo, Garcia, and Tomas (2013) argue that learning processes play a
central role in the alignment of these factors. Specifically, learning must be a salient factor
within the organization in order to distribute and exchange information among employees and to
reorganize internal structures based on changes in the external environment. The incorporation of
a strong learning culture essentially allows the organization to maintain a strong competitive
advantage (Easterby-Smith, Lyles & Tsang, 2008) and facilitates learning throughout the
organization through information sharing and exchange (Rebelo, 2006, as cited in Schmitz et al.,
2013).
Learning cultures are thought to further shape learning climates2, individual
psychological perceptions associated with the application and acquisition of new knowledge and
skills. Those perceptions then impact individuals’ expectations about learning and the value of
change and improvement through learning (Bates & Kasawne, 2005). The learning climate is
derived from aspects of the organizational culture (i.e., learning culture) that an individual
perceives to be important. The most commonly explored climate in the organizational learning
literature are “transfer climates” (Burke & Hutchins, 2007; Colquitt et al., 2000; Ford &
2

Climate is an individual psychological state which is impacted by organizational culture,
context, managerial behavior, and how organizations interact with their employees (Burke &
Litwin, 1992). Organizational culture is different from climate as it pertains to shared beliefs
across organizations. Climate is thought to be how individuals respond to the culture.
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Weissbein, 1997; Rouiller & Goldstein, 1993), which are defined as individual or group
perceptions of the organizational conditions that encourage or impede transfer-of-learning efforts
(Enos et al., 2003). Some features of positive transfer climates include adequate resources, cues
to remind trainees what they learned, opportunities to use the skills learned during training
programs, and providing regular feedback (Tracey, Tannenbaum, & Kavanagh, 1995). Roullier
and Goldstein (1993) argued that transfer climate perceptions encourage employees to use new
skills, to adjust skills that need improvement, and motivate employees to learn new skills through
social support of one’s peers and managers.
Organizational Support
Overall, there is substantial theoretical overlap between the constructs of learning
organizations, organizational learning culture, organizational learning climate, and transfer
climate. It is unclear how some of these constructs differ from each other conceptually or in how
they are measured (Tsang, 1997; Yang et al., 2004). In fact, the literature often uses these terms
interchangeably. Drawing heavily from these theories, I will use the term organizational support
(Chiaburu & Marinova, 2005) to refer to the extent to which one perceives the organization to
support learning and development. As such, I will investigate this construct, noting that it shares
many characteristics with organizational learning culture and climate, and transfer climate.
Much of the research support on the positive effects learning effects of organizational
support is rooted in the training literature. For example, one study by Egan, Yang and Bartlett
(2004) found that organizational culture was positively related to motivation to transfer (r = .28)
and a meta-analysis by Blume et al. (2010) found that transfer climate had the strongest
relationship with transfer (ρ = .27) of the three environmental variables included in the study
(peer/supervisor support and organizational constraints). Further, Klein et al. (2006) found that
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in a blended learning environment (in which instruction methods are both virtual and classroombased), trainees had higher motivation to learn when they perceived organizational conditions
(e.g., time, Internet access) as learning enablers rather than as barriers. In other words, trainees
have higher motivation to learn when they perceive their organization as supporting their
learning and growth. In all, these studies suggest the positive effects of organizational support
on variables associated with learning.
In comparison with formal training contexts, less is known about the effects of
organizational support in informal learning environments (Colquitt et al., 2000) and virtually no
research has investigated the impact on learning behaviors. One exception is a study by
Antonacopoulou (2006) in which the author examined the impact of organizational support on
managers’ learning behaviors among managers across three UK banks in a quasi-experiment.
Antonacopoulou interviewed managers at three banks with low, moderate, and high levels of
organizational support. They found that the managers in the bank with strongest organizational
support (e.g., provided courses, mentors, and learning materials, and placed strong emphasis on
self-directed learning) placed stronger value on personal development and pursued learning goals
that were not mandated or expected by the organization compared to banks with moderate and
low organizational support.
In summary, the theory and research on organizational support suggests positive effects
on employees’ learning behaviors and application of learned behaviors. I argue that
organizational support signals to employees the value and importance of continuous learning and
encourages individuals to experiment with new techniques, approaches and skills. As such, I
argue that managers will more likely use adaptive learning strategies in an effort to develop
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themselves when they feel that these behaviors are expected, encouraged, and supported by the
organization.
H12: Organizational support is positively related to (a) elaboration, (b) active feedback
seeking, and (c) effort regulation.
No studies to my knowledge have investigated the relationship between organizational
support, learning strategies, and job performance. One study by Park and Choi (2016) found that
informal work perceptions (akin to organizational support) positively impacted job performance
through the effects of perceived value of learning. In other words, organizational support
positively impacted perceptions of the value of learning, thereby influencing job performance. In
the same vein, organizational support may likely encourage the use of adaptive learning
strategies since managers perceive learning to be highly valued by the organization. Extending
hypotheses presented in Chapter V which posited positive effects of learning strategies on job
performance, I argue that the learning strategies mediate the relationship between organizational
support and job performance.
H13: (a) Elaboration, (b) active feedback seeking, and (c) effort regulation mediate the
relationship between organizational support and managerial job performance.
Managerial Support
Managers play a key role in guiding their subordinates’ learning by creating an
environment in which there are clear expectations for learning and in which learning is
recognized and rewarded (Marsick & Watkins, 2002). More specifically, managers may support
their subordinates’ learning efforts in many ways including openly discussing new skills and
challenges, explicitly expressing goals and objectives (Stevens & Gist, 1997), jointly becoming
involved in learning tasks and providing encouragement and coaching how to use new
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knowledge and skills on the job (Baldwin & Ford, 1988; Clark, Dobbins, & Ladd, 1993; Colquitt,
LePine, & Noe, 2000). If employees do not believe that their managers will support the
development of new skills, then the employee will likely not be motivated to learn those skills
(Clark et al., 1993).
Several studies have found empirical support for the positive relationship between
managerial support and transfer of training (Awoniyi, Gregio, & Morgan, 2002; Baldwin & Ford,
1988; Burke & Baldwin, 1999; Noe 1986; Noe & Schmitt, 1986; Switzer, Nagy, & Mullins,
2005) and training motivation (Clark et al., 1993; Facteau, Dobbins, Russell, Ladd, & Kudisch,
1995; Foxon, 1997). For example, Foxon (1997) found a strong positive correlation between
managerial support and self-reported learning transfer (r = .36) and Brinkerhoff and Montesino
(1995), in a controlled field study experiment, found that self-reported learning transfer is
substantially higher for those receiving high levels of managerial support (M = 3.34, SD = 0.68)
compared to a control group (M = 2.88, SD = 0.79). Further, of the various social influences on
learning (peers, supervisors, subordinates), Facteau, Dobbins, Russell, Ladd, and Kudisch (1995)
found that only managerial support was positively related to pre-training motivation, which
subsequently leads to skill acquisition (i.e., learning; Colquitt et al., 2000).
Only one study to my knowledge has investigated the effects of managerial support in
relation to learning strategies in an informal learning environment. VandeWalle et al., (2000)
found that manager consideration and initiation of structure (i.e., support) were negatively
associated with perceived cost of feedback, and positively associated with perceived value. In
other words, employees were more comfortable seeking feedback when they felt supported by
their managers. While research on the effects of managerial support on learning strategies is
largely derived from formal training or educational contexts where the focus was on training
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motivation and course outcomes, the results are likely to apply more generally to more dynamic
and informal learning contexts where expectations for learning are less salient. Therefore, the
impact of managerial support on learning and subsequent performance is likely to be greater in
informal learning environments. Specifically, managers are more likely to use learning strategies
if they feel that learning and development is valued by their manager.
H14: Managerial support is positively related to (a) elaboration, (b) active feedback
seeking, and (c) effort regulation.
As with organizational support, I argue that managerial support impacts job performance
through the mediating effects of learning strategies.
H15: (a) Elaboration, (b) active feedback seeking, and(c) effort regulation, mediate the
positive relationship between and managerial support and managerial job performance.
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Chapter VIII
Method
Participants
Archival data from 143 “high-potential” employees at a large global insurance firm who
completed measures as part of a 6-month leadership development program from March 2012 to
January 2013 were analyzed. The development program was not part of the study design. The
program merely served as a means of obtaining data. In other words, the goal was not to study
the effects of goal orientation on performance within the high-potential training program. As
shown in Figure 6, prior to administering the independent variable measures, the only activities
participants engaged in were a virtual program orientation and two sessions in which they
learned about general leadership topics (e.g., providing feedback, business acumen). The
material presented in these sessions did not relate to learning styles or strategies, motivation, or
self-regulation. In addition, the frequency of program delivery was low (i.e., one session per
month). Finally, participants’ mean job performance ratings (M = 3.62, SD = 0.65) was not
substantially higher compared to performance of all employees across the organization (M = 3.40,
SD = 0.62). Participants’ job performance ratings were also normally distributed, which reflects
the organization’s goal of following a normal performance distribution. In sum, it is unlikely that
the development program significantly impacted participants’ dispositional goal orientation, selfreported use of learning strategies, or job performance in ways that would undermine the
generalizability of the findings to employees not in such development programs.
Participants were drawn from a total of seven cohorts from the United States (2), United
Kingdom/Europe/Middle East/Africa (2), India (2), and China (1). Employees were at the Senior
Contributor/First-Line Manager level across various departments and divisions of the company,
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in their role for a minimum of one year, and identified by their managers as having the capability
to move to the next career stage (i.e., managerial role) within the next 1 - 2 years.
Across the seven cohorts, 26% of participants were from India, 28% from the United
States, 27% from the United Kingdom/Europe/Middle East/Africa, and 8% from China. Thirty
six percent of the total sample was female and 52% identified as male, with 12% choosing to not
indicate their gender. The ethnic composition of the sample was primarily comprised of
White/Caucasian (48%) and Asian (32%). Less than one percent of the sample identified as each
Black/African American, Hispanic or Latino, or Two or More Races. Fifteen percent of the
sample did not indicate their ethnicity. The average age of participants was 33.80 and average
tenure was 9.06 years.
Procedure
Participants completed a series of web-based survey measures which served as the
independent variables in the present study. All measures were administered in English. Eight to
twelve months later, performance, engagement, and turnover data was collected and served as
the dependent variables. Please see Figure 6 and Table 1 for an overview of the program and
timing of the measures administered for the present study.
Measures
The factor structure of multidimensional measures was examined using CFA with the
Maximum Likelihood (ML) estimation using Mplus version 7.3 software (Muthen & Muthen,
2012). To evaluate model fit, Hu and Bentler (1999) recommend using a Standardized Root
Mean Squared Residual (SRMR) below 0.09 combined with a Comparative Fit Index (CFI) or
Tucker-Lewis Index (TLI) above 0.95, or a Root Mean Squared Error of Approximation
(RMSEA) below 0.06. Where fit was poor, modifications to the original measures were explored
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and retained if they produced improved fit. Items with relatively low factor loadings were
flagged for removal. Poorly written items or those with weak theoretical relevance to the
construct being measured were also removed. In some cases, items with low factor loadings were
retained because removing them did not substantially improve the model fit and there was no
theoretical justification to do so.
Dispositional GO. VandeWalle’s (1997) scale was administered to measure
dispositional GO. Compared to other measures that purport to measure GO, this scale measures
general dispositions rather than specific goals. The 13-item instrument has three subscales that
measure mastery, performance-approach, and performance-avoidance GOs. Brett and
VandeWalle (2003) found support for this three-factor model using Confirmatory Factor
Analysis (CFA). Example items include “I am willing to select challenging assignments that I
can learn a lot from” (mastery), “I like to show that I can perform better than my peers”
(performance-approach), and “Avoiding a show of low ability is more important to me than
learning a new skill” (performance-avoidance). The response scales are 5-point Likert type with
anchors ranging from 1 (strongly disagree) to 5 (strongly agree).
The CFA yielded poor fit for the three factor structure, with a SRMR of 0.10, a CFI of
0.75 and TLI of 0.68, and an RMSEA of 0.11 (90% CI = 0.09, 0.13). Internal consistency
reliability for the three dimensions also was low (α = .68, .70, .71, respectively). Therefore,
modifications of the measure were undertaken towards the goal of developing a usable version of
the measure. Examination of the GO item loadings suggested that one performance-avoidance
item, “I would avoid taking on a new task if there was a chance that I would appear rather
incompetent to others,” did not load well (.06). The modification indices suggested that one
performance-approach item, “I prefer to work in situations that require a high level of ability and
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talent” cross loaded with the other two factors. As a result these items were dropped and a
second CFA was performed. The CFA on the revised measure showed improved but still
suboptimal fit, with a SRMR of 0.07, a CFI of 0.93 and TLI of 0.90, and an RMSEA of 0.07 [90%
CI = 0.03, 0.10]. Internal consistency reliability for the three dimensions was slightly lower (α
= .68, .69, .56, respectively). However, based on the better model fit, the modified version of the
goal orientation measure was retained.
Learning Strategies. A learning strategy measure was developed to assess employees’
self-reported learning techniques they use on the job. A few of the items were adapted from
Pintrich et al.’s (1991) MSLQ measure while the rest were written by the author of this paper.
Participants were asked to indicate how each statement best describes their attitudes and actions
when they encounter a new situation or need to learn something new at work. The measure
consisted of 18 items distributed across three scales: elaboration, effort regulation and active
feedback seeking.
The elaboration scale consisted of 7 items and measures the extent to which the employee
actively thinks about work experiences and makes connections between processes, systems, and
past experiences. An example item is “I try to relate challenges or problems to things that I
already know.”
The effort regulation scale consisted of 5 items and measures the extent to which
individuals monitor and exert their effort on tasks that are uninteresting or challenging. An
example of an item is “I work hard to understand information, even if it does not interest me.”
Three items were reverse scored such that high scores reflect low standing on the construct and
vice versa (e.g., “I delegate a task to others if it confuses me or requires me to learn something
new”).
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The active feedback seeking scale consisted of 6 items and measures the tendency to seek
performance feedback from others. An example of an item is “I ask others what they think I
could be doing better.”
While these learning strategies scales have not been previously validated, as many items
were written for this study and others were modified, a three factor structure was expected based
on the design of these scales corresponding to elaboration, active feedback seeking, and effort
regulation dimensions. Therefore the factor structure was tested using CFA with the Maximum
Likelihood (ML) estimation. The CFA yielded poor fit for the three factor structure, with a
SRMR of 0.10, a CFI of 0.83, a TLI of 0.80, and an RMSEA of 0.07 (90% CI = .05, .09).
Internal consistency reliability for the three dimensions also was low (α = .53, .81, .59,
respectively). Therefore, modifications were undertaken towards the goal of developing a usable
version of the measure.
Examination of the item loadings suggested that several items should be removed from
the scales due to low factor loadings or strong cross-loadings. On the elaboration scale, item 4 (“I
objectively critique past failures at work”), item 6 (“I learn from my mistakes and successes by
writing them down”), and item 7 (“I think about past mistakes or failures when encountering a
new situation”) were removed because they did not load strongly (< .30) on their respective
factors and because they were potentially confusing. On the effort regulation scale, item 5 was
removed because of strong cross-loadings and potential overlap with the Mastery GO construct
(“I often take on difficult or complex tasks, even if they are outside of my area of expertise or
comfort zone.”). While item 3 (“I work hard to understand information, even if it does not
interest me”) did not load strongly (.36) on its respective factor, it was retained due to theoretical
relevance to the effort regulation construct. On the active feedback seeking scale, item 3 (“I tend
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to get defensive when receiving feedback (e.g., 360) from peers or supervisors”) was removed
because of strong cross-loadings and because it was related to receptivity to feedback rather than
feedback-seeking behavior. Item 5 (“I proactively schedule time to meet with my managers to
discuss my progress”) was also removed from the actively seeks feedback scale because of a low
factor loading. After removing the items, a CFA using Mplus software yielded a SRMR of .07, a
CFI of .96, a TLI of .95, and a RMSEA of .05, thus indicating good fit.
Internal consistency analyses of the revised learning strategy scales demonstrated
adequate reliability for the Actively Seeks Feedback Scale (α = .83). The other two learning
strategy scales failed to reach the 0.70 threshold (Elaboration, α = .65; Effort regulation, α = .54).
However, due to good model fit, these revised measures were used.
Job Performance. Annual company performance review ratings were collected as a
measure of job performance. The composite factor weights a managerial performance rating (a 5point rating), in addition to objective metrics such as sales goals and client utilization percentage.
The weighting of goals and calculation of scores differ by business unit, department, and
manager. However, performance rating scores are all calibrated in a group consensus discussion
by department leaders during the annual review process and are standardized across a 5-point
scale. Data was collected from the 2013 performance cycle, indicating that the performance
ratings reflected 8-12 months of performance following the collection of survey data.
As shown in Table 2, results indicate that there was adequate variance in performance
scores with skewness and kurtosis within the parameters of a normal distribution, suggesting that
the performance data reflected the broader organizational desire to follow a standard distribution
of performance. While 2013 performance review data was used as a primary performance
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criterion in the present study, 2014 performance review data was used as an exploratory variable
to investigate even longer-term job performance effects.
Organizational and Managerial Support. Several items were included to investigate
situational effects on learning and job performance. A 6-item organizational support scale
measured employees’ perceptions of how supportive the organization is of their development
(e.g., “This company supports my professional growth and development”). The organizational
support measure was adapted from Potosky and Ramakrishna’s (2002) climate for updating scale
that measures perceptions of organizational support for professional development. In addition, a
3-item managerial support scale measured the extent to which the employee believed their
manager to be supportive of their growth and development (e.g., “To what extent has your
manager worked with you on your development plan?”).
To explore their underlying factor structure, a CFA with ML estimation was performed
on the organizational and managerial support items. The CFA yielded weak support for a two
factor structure, with a SRMR of 0.06, a CFI of 0.90 and TLI of 0.86, and an RMSEA of 0.12
(90% CI = 0.40, 0.45). Therefore, modifications of the measure were investigated towards the
goal of developing a usable version of the measure.
Examination of the item loadings suggested that item 2 (“This company places a high
priority in being dynamic and entrepreneurial. People are willing to take risks”), item 4 (“In this
company, the best managers are those that are considered innovators or risk-takers”), and item 6
(“This company does not provide me with the resources needed to develop my skills”) on the
organizational support scale should be removed due to low factor loadings (-.77 - .64) and
because two of the items were more strongly related to perceptions of organizational risk-taking
rather than learning. Further, item 3 (“My manager wants to see me succeed in my career”) on
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the managerial support scale also showed low factor loadings (.18), suggesting removal from the
measure. After removing the items, the CFA yielded a SRMR of 0.02, a CFI of 0.99, a TLI of
0.97, and a RMSEA of 0.09 [90% CI = 0.00, 0.17], thus indicating improved fit compared to the
initial model. Internal consistency of the scales was also adequate (organizational support, α
= .72; managerial support, α = .81). As such, this modified version of the measure was used to
test hypotheses.
Exploratory Measures
Managerial 360 Ratings. In addition to annual performance review ratings, an
exploratory measure of job performance was collected from the company’s 19-item multi-rater
survey which covers performance across 5 key areas: deliver distinctive client value, develop
unmatched teams, build differentiated capability through innovation, deliver business results
with excellence, live our values. These performance areas were aligned to the company’s
competency model. The survey items were designed for use across a variety of developmental
programs offered to employees across the company. Within each of the 5 performance areas,
survey items were linked to more specific work performance areas (e.g., consulting skills,
adaptability/flexibility, and business acumen). The raters were the participant’s primary
manager, peers, self, and others (e.g., internal customers, direct reports).
Appendix A details the performance areas and associated items from the multi-rater
survey. While the survey measured 5 areas of performance, not all of the areas were presumed
to be theoretical outcomes of learning approaches and strategies. Therefore, job performance
was measured by taking the mean of managers’ ratings across items on performance dimensions
that would most likely be impacted by learning processes in the workplace (deliver distinctive
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client value, build differentiated capability through innovation, and deliver business results with
excellence).
To explore their underlying factor structure, a CFA with ML estimation using Mplus
software was performed on the items which were mapped to their respective dimensions from the
company’s 360 survey. The CFA yielded somewhat poor support for a three factor structure,
with a SRMR of 0.07, a CFI of 0.91 and TLI of 0.88, and an RMSEA of 0.10 (90% CI = 0.07,
0.13). Therefore, modifications of the measure were undertaken.
Examination of the item loadings suggested that item 2 on the deliver distinctive client
value scale (“Selling skills - contributes to proposals and bid processes for clients and prospects”)
should be removed from the measure due to relatively low factor loading (.59) and because sales
is not a required or expected skill across participants. Further item 4 on the deliver business
results with excellence scale (“Systems and processes - Understands and maximizes use of all
applicable and relevant tools and processes”) loaded relatively less strongly on its respective
factor (.58) and it was not clear whether this knowledge area was critical for performance in role.
After removing the two items, the CFA yielded a SRMR of .05, a CFI of 0.96, a TLI of
0.93, and a RMSEA of 0.09 [90% CI = 0.03, 0.13), thus indicating improved fit over the initial
model. As such, this modified version of the measure was used in exploratory analyses. Internal
consistency of the scales was also sufficient for deliver distinctive client value (α = .71) and
build differentiated capability through innovation (α = .82), although the internal consistency for
deliver business results with excellence was low (α = .65).
Employee engagement data. In addition to the performance review ratings, engagement
survey data was collected from 122 participants from the sample who completed an annual
engagement survey consisting of 55 self-report items. The remaining 21 participants did not
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complete this survey. While the survey measured nineteen dimensions across the 55 items, an
average “engagement index” score was calculated based on responses to a subset of the 55 items.
Ohler (2015) found that these items tended to demonstrate adequate reliability and validity
across organizations, regions, and contexts. Specifically, reliability coefficients for the 6-item
engagement construct yield an average internal consistency of .91 across samples. With respect
to construct validity, the six items tended to load strongly on one factor, correlate with other
similar factors like organizational reputation (r = .62, p < .01), and demonstrate discriminant
validity with low cross-loadings with other constructs. Engagement items can be found in
Appendix A. A CFA using ML estimation in Mplus yielded suboptimal fit for the one
dimensional solution, with a SRMR of .03, a CFI of 0.93 and TLI of 0.88, and an RMSEA of
0.23 [90% CI = 0.17, 0.29]. The internal consistency of the scale was strong (α = .95). Since
item loadings were strong (>.83) and there was no theoretical justification for removing any of
the items, the six-item measure was retained and used in exploratory analyses.
Turnover. In addition to job performance and engagement data, turnover data was
collected and dummy coded (0 = still employed with the organization; 1 = terminated from the
organization). Data reflects at least one and half years in role after the collection of test data. Ten
percent of the original sample was no longer employed with the organization at the time the data
was collected.
Controls. Several variables were measured as potential controls: Geographic region,
function, ethnicity, gender, tenure, and age. Of these, tenure and age were the only ones
correlated with variables involved in hypotheses. Specifically, tenure and age were negatively
correlated with both mastery GO and active feedback seeking. Since there was more missing
data for age than for tenure, tenure was used as a control variable in all analyses.
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While Structural Equation Modeling (SEM; Muthén & Muthén, 2004) would be ideal for
testing the hypothesized model shown in Figure 1, the small sample size (N = 143) precluded the
use of SEM. Instead path analysis using Mplus (Muthén & Muthén, 2012) software was used to
test hypotheses.
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Chapter IX
Results
Means, standard deviations, and correlations between variables are shown in Table 3.
As tenure was significantly negatively correlated with both mastery GO and active feedback
seeking, it was used as a control variable in all analyses. As shown in Table 2, several of the
scales showed significant negative skew, with skew/SE of skew exceeding 1.96 (Klein,
1998)(i.e., mastery GO, performance-approach GO, actively seeks feedback, effort regulation,
engagement, organizational and managerial support, and the 360 scale for build differentiated
capability through innovation). This suggests that these data were not normally distributed. As
such, path analysis with maximum likelihood estimation and robust standard errors (MLR) was
used to test hypotheses in order to account for deviations from normality in the data (Yuan &
Bentler, 2000). All data was screened for patterned responding, incomplete data, and potential
outliers. No significant problems were found therefore the complete data set was analyzed.
Tests of Hypotheses
Goal orientation and job performance. To test the main effects of GO dimensions on
job performance, the path model shown in Figure 7 was tested. All coefficients reported are
unstandardized. Tenure was included as a control variable.
Hypotheses 1a-c proposed effects of GO dimensions on job performance such that the
relationship is positive for mastery and performance-approach GO (H1a and H1c) and negative
for performance-avoidance GO (H1b). As shown in Figure 7, mastery GO was significantly
positively (B = .35, SE = .12, p < .05) and performance-avoidance GO was marginally positively
(B = .14, SE = .08, p < .08) related to job performance. Performance-approach GO was
unrelated to job performance (B = -.03, SE = .08, n.s.). Therefore, support was found for H1a,
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but not for H1b and H1c. Fifty-five percent of the variance in job performance was explained by
the predictors.
Goal orientation and learning strategies. Hypotheses 2-4 proposed effects of GO on
learning strategies. Consistent with Hypothesis 2a, mastery GO was significantly positively
related to elaboration (B = .29, SE = .07, p < .05). Contrary to Hypothesis 2b and 2c,
performance-avoidance GO (B = .05, SE = .06, n.s.) and performance-approach GO (B = .02, SE
= .06, n.s.) were unrelated to elaboration. Twelve percent of the variance in elaboration was
explained by the predictors.
Hypothesis 3a-c proposed relationships between GO and effort regulation. Consistent
with Hypotheses 3a-3c, mastery GO was significantly positively related to effort regulation (B
= .31, SE = .11, p < .05), and performance-avoidance (B =-.36, SE =.10, p < .05) and
performance-approach GO (B = -.18, SE = .08, p < .05) were significantly negatively related to
effort regulation. Therefore, Hypotheses 3a-c were supported. Eighteen percent of the variance in
effort regulation was explained by the predictors.
Hypotheses 4a-c proposed that mastery and performance-approach GO would positively
and performance-avoidance GO negatively impact active feedback seeking, respectively. Results
indicated that mastery GO was significantly positively related to active feedback seeking (B
= .55, SE = .14, p < .05) while no significant effects were found for performance-avoidance GO
(B = .03, SE = .09, n.s.) or performance-approach GO (B = .06, SE = .11, n.s.). Therefore,
support was found for Hypothesis 4a, but not for H4b or H4c. Twenty-four percent of the
variance in feedback seeking was explained by the predictors.
Learning strategies and job performance. Hypotheses 5-7 proposed positive effects of
elaboration (H5), effort regulation (H6), and active feedback seeking (H7) on job performance.
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As shown in Figure 7, elaboration (B = -.52, SE = .39, n.s.), effort regulation (B = .06, SE = .08,
n.s.) and active feedback seeking (B = -.42, SE = .45, n.s.) were not significant predictors of job
performance. Therefore, no support was found for Hypotheses 5-7. Hypothesis 8 proposed that
active feedback seeking moderates the effects of elaboration on job performance such that the
positive effects of elaboration on performance are stronger when active feedback seeking is high
rather than low. No significant interaction effect was found, B = .13, SE = .11, n.s. As such, no
support for H8 was found.
Learning strategies as mediators of GO-job performance relationship. Hypotheses 911 proposed indirect effects of GO dimensions on performance, through the effects of learning
strategies. Despite lack of support for positive main effects between learning strategies on job
performance, I proceeded to investigate potential mediation between GO, learning strategies, and
performance due to potential suppression effects of the independent variables. In testing the
specific mediating paths, the indirect effect of GO on performance via each strategy was
examined.
In Hypotheses 9a-c, I proposed that learning strategies partially mediate the relationship
between mastery GO and job performance. Results indicated that there were no significant
indirect effects via elaboration (B = -.15, SE = .12, n.s), active feedback seeking (B = .23, SE
= .25, n.s), or effort regulation (B = .02, SE = .03, n.s). Therefore, no support was found for H9ac. Hypotheses 10a-c proposed the mediating effects of learning strategies between performanceavoidance GO and job performance. No significant indirect effects were found for elaboration (B
= -.02, SE = .04, n.s), effort regulation (B = -.02, SE = .03, n.s), and active feedback seeking (B =
-.01, SE = .04, n.s). Therefore, Hypotheses 10a-c were not supported.
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Hypothesis 11a and 11b proposed a mediating effect of elaboration and effort regulation
in the relationship between performance-approach GO and job performance. However, no
significant indirect effect was found for elaboration (B = -.01, SE = .03, n.s) or effort regulation
(B = -.01, SE = .02, n.s) and therefore these hypotheses were not supported.
Effects of managerial and organizational support. Hypotheses 12a-c tested the
positive effects of organizational support on learning strategies. Contrary to Hypothesis 12a and
12b, respectively, no significant effect was found on elaboration (B = .02, SE = .05, n.s.), and
there was a significant negative effect on effort regulation (B = -.18, SE = .08, p < .05). However,
there was a significant positive effect on active feedback seeking (B = .26, SE = .09, p < .05) in
support of H12c.
The indirect effects of organizational support on job performance via learning strategies
was tested in H13a-c. No significant indirect effects were found for elaboration (B = -.01, SE
= .03, n.s.), effort regulation (B = -.01, SE = .01, n.s.), or active feedback seeking (B = -.11, SE
= .12, n.s.). Therefore, no support was found for Hypotheses 13a-c.
Hypotheses 14a-c proposed managerial support to be positively related to learning
strategies. Results showed that managerial support was unrelated to elaboration (B = .02, SE
= .05, n.s.), significantly negatively related to active feedback seeking (B = -.25, SE = .09, p
< .05), and unrelated to effort regulation (B = .03, SE = .08, n.s.). Therefore, Hypotheses 14a-c
were not supported.
Finally, the mediating effects of learning strategies in the relationship between
managerial support and job performance were tested in hypotheses 15a-c. No significant indirect
effects were found for elaboration (B = -.01, SE = .03, n.s.), effort regulation (B = .002, SE = .01,
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n.s.), or active feedback seeking (B = .11, SE = .12, n.s.), Therefore no support was found for
Hypotheses 15a-c.
Exploratory Analyses
Since no significant effects were found for learning strategies on job performance,
alternate variables were explored as potential dependent measures. One potential reason for this
is that managerial job performance may be constrained by factors outside the manager’s control
(e.g., market forces within the manager’s region). As a result, two alternative dependent
variables were examined, managerial 360 competency survey ratings and engagement. In
addition, because of its relationship with mastery GO, tenure was examined as a potential
moderator variable in effects on job performance.
Managerial 360 ratings. The managerial 360 ratings were purely developmental in nature,
meant to be based solely on the manager’s displayed behaviors and independent of their sales
performance and client utilization. Nor was there a forced performance distribution for these
ratings. Therefore, managerial 360 ratings may have been a more accurate reflection of the
aspects of managers’ job performance that were under managers’ control. I tested the same
model as for tests of hypotheses but with 360 ratings in the place of job performance.
As shown in Appendix C (Figures A1 – A3), despite finding several statistically
significant relationships (e.g., elaboration positively related to build differentiated capability
through innovation, performance-approach GO positively related to deliver distinctive client
value, and indirect effect of mastery GO on build differentiated capability through innovation
through elaboration), no discernable pattern of results emerged for the 360 survey ratings.
Results related to engagement are described in the following section.
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Engagement. Along the same lines, perhaps manager engagement may be considered an
alternative and more proximal outcome of informal learning. Work engagement is defined as
“Positive, fulfilling, work-related state of mind that is characterized by vigor, dedication, and
absorption” (Schaufeli et al., 2002, p.74). Vigor is the emotional, physical and psychological
energy one invests in his or her work, dedication pertains to identification with one’s work, and
absorption relates to concerted focus and immersion within one’s work3. Engagement was
measured in the current study as the extent to which one speaks positively about, expresses a
desire to stay with, and strives to contribute to the organization. While this measure of
engagement is somewhat discrepant from Schaufeli and colleagues’ three dimensional model
(e.g., Schaufeli & Baaker, 2004), there is still conceptual overlap.
Mastery GO is likely to impact engagement because managers who are more disposed
towards engaging in informal learning via the learning strategies are likely to achieve their
professional and career development goals, which in turn is likely to increase their engagement.
Managers high in performance-approach and performance-avoidance GO are less likely to use
learning strategies, which could limit their potential for professional and career growth, thereby
leading to lower work engagement. As before, I tested the same path model used to test my
hypotheses, replacing job performance with engagement. The results are shown in Figure 8.
Main effects on engagement. The direct effects of Mastery GO (B = 0.14, SE = .24, n.s.),
performance-approach GO (B = 0.07, SE = .14, n.s.), and performance-avoidance (B = -0.13, SE
= .15, n.s.) were all not significant. Neither elaboration (B = 1.07, SE = .97, n.s.) nor active
feedback seeking (B = 1.11, SE = .87, n.s.) were significantly positively related to engagement,
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Schaufeli and Bakker (2010) found that there was substantial overlap between the three
engagement dimensions with respect to factor structure and therefore argued that engagement
should be measured as a unidimensional construct.
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but effort regulation was significantly negatively related to engagement (B = -.36, SE = .14, p
< .05). Further, a significant positive effect on engagement was found for organizational support
(B = .75, SE = .12, p < .05), but not managerial support (B = -.22, SE = .14, n.s.) or tenure (B
= .03, SE = .02, n.s.).
Indirect effects of GO on engagement. The indirect effect of performance-avoidance GO
on engagement via effort regulation was significant, B = .13, SE = .07, p < .05. Further, the
indirect effect of mastery GO on engagement via effort regulation was marginally significant, B
= -.11, SE = .06, p < .10. Finally, the indirect effect of organizational support on engagement via
effort regulation was marginally significant, (B = .06, SE = .04, p < .10). In sum, effort regulation
was negatively associated with engagement, and performance-avoidance GO, organizational
support, and (marginally) mastery GO was associated with increased engagement through
decreased effort regulation.
Tenure as a moderator. In light of the negative correlation between mastery GO and
tenure, I explored whether the effects of GO on job performance are moderated by tenure. As
tenure and age were significantly correlated in this study, tenure was used as a proxy for age.
Specifically, perhaps as managers progress in their careers they rely less on skill development
and professional growth and instead leverage knowledge, skills, and capabilities that have been
built over the course of one’s career in order to perform their roles effectively. Conversely, it is
possible that mastery GO becomes even more salient and impactful as tenure increases as
managers are expected to scan the environment and learn about competitors and new technology.
To explore this relationship, the interaction term of tenure and mastery GO was added to
the same path model used to test the hypotheses, with job performance as the dependent variable.
A significant interaction effect was found for mastery GO and tenure, B = .07, SE = .02, p < .05.
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As shown in Figure 9, the plots suggest that the positive effects of mastery GO on performance
are strengthened when tenure is high compared to low.
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Chapter X
Discussion
The purpose of this study was to test a theoretical model of the role of informal
managerial learning processes in predicting job performance. Relationships between goal
orientation and job performance, with learning strategies as mediators, were tested using a
sample of managers. Additionally, effects for two situational variables, managerial and
organizational support, were examined. Overall, the results provide some support for existing
theory and research, though they were mixed. Each set of findings will be discussed in turn.
GO and Job Performance
Mastery GO as predictor of job performance. Results from the present study indicate
that mastery GO was significantly positively related to job performance measured eight to twelve
months later. While one cannot infer causation from the current study design, the timing of the
measures suggest some evidence for the long-term effects of GO on job performance. Overall,
these findings support past theory and research which demonstrates the positive effects of
mastery GO on job performance (e.g., Payne et al., 2007). The results also provide a valuable
contribution to the goal orientation and learning literature in that long-term job performance
effects were observed rather than concurrent job performance (e.g., Janssen & Van Yperen,
2004; Potosky & Ramakrishna, 2002) or training course performance (e.g., Brett & VandeWalle,
1999). Only three studies to my knowledge (Porath & Bateman, 2006; VandeWalle et al., 1999;
Wang & Takeuchi, 2007) have investigated the long-term effects of mastery GO on job
performance.
In exploring potential covariates in the relationship between GO and job performance,
two interesting patterns of results emerged. First, mastery GO was negatively correlated with
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tenure (r = -.21, p < .05) and age (r = -.25, p < .05) suggesting that longer-tenured managers
were less mastery GO-oriented compared to lower-tenured managers. While it is unclear how
highly related tenure is with experience or leadership level, the strong positive correlation
between tenure and age (r = .45, p < .05) suggests that it may be an indicator of leadership
experience.
There are several possible explanations for the negative correlation between tenure and
mastery GO. First, while no existing theory or research to my knowledge has explored
relationships between mastery GO, tenure, age, and organizational level, some research suggests
that openness to experience (Jones & Meredith, 1996) and career motivation (Warr, Miles, &
Platts, 2001) tend to decline over the life span. Therefore, it is possible that mastery GO, which
is strongly positively related to openness to experience (e.g., ρ = .44; Payne et al., 2007), may
decrease over time as well. In other words, the ambitious behaviors and approaches needed to
advance one’s career are no longer needed at mid-level stages of one’s career. This decline in
mastery GO over one’s career may also be a function of organizational culture (i.e., ASA model,
Schneider, 1987). In other words, organizations may place value on learning and development
for early-career employees, but then may select against it in favor of knowledge or experience at
more senior levels. Further, more experienced managers with higher mastery GO may leave the
organization to find other opportunities that will advance their careers and professional
development.
Second, it is also possible that more experienced managers in this sample may have been
passed over for inclusion into the high potential program in previous years due to their lower
openness to development that may result from low trait mastery GO. A third possibility is that
mastery GO is simply less important at these levels. For example, it is possible that more
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experienced managers tend to leverage knowledge, skills, and capabilities they have already
acquired over the years in order to perform their roles.
While the correlation shows that mastery GO is lower for more experienced managers, a
significant interaction between mastery GO and tenure on job performance was found such that
the positive effect of mastery GO on performance was stronger among higher-tenured managers
compared to lower-tenured managers. This is especially important in light of the negative
correlation between tenure and mastery GO. In other words, having a higher mastery GO may be
even more important for longer-tenured managers as it can differentiate the high performing
managers from the low and average performers. Perhaps job performance for experienced
managers is benefited by them adopting an external market orientation (e.g., scanning the
environment for competitor information and learning about new technological and industry
trends) which is easier for those high in mastery GO.
Performance-avoidance GO and job performance. While not statistically significant,
the magnitude and direction of the relationship between performance-avoidance GO and job
performance (B = .14) was contrary to what was hypothesized and what has typically been
observed in the literature (e.g., Payne et al., 2007). As the sample was comprised of individuals
in the insurance and risk management industry, it is possible that some form of avoidance
orientation is required for this type of work which involves heavy regulation and compliance.
Stated simply, managers’ primary goals are to avoid financial, reputational, and enterprise risk
for their clients by protecting their assets and advocating for conservative solutions. Therefore, it
is possible that an avoidance-orientation enables their job performance through their ability to
cater to clients who value such conservative approaches.
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Performance-approach GO and job performance. No significant effects for
performance-approach GO on job performance were found. Performance-approach GO is
inconsistently related to performance outcomes in the GO literature because the orientation is
composed of both adaptive and maladaptive tendencies (Elliot & Church, 1997; Harackiewicz et
al., 2002). On one hand, this orientation focuses on the motivation to achieve success by
outperforming others. On the other hand, performance-approach oriented individuals are less
focused on effort and persistence required for effective job performance (Elliot & Church, 1997;
Elliot et al., 2001). Midgley et al. (2001) argued that performance-approach GO seems to be
beneficial only under certain circumstances (e.g., competitive environments). Based on the
arguments made earlier, it is possible that job performance in this organization is benefitted by
motivation to both learn (mastery GO) and avoid negative outcomes (performance-avoidance
GO), but not by having a competitive orientation. This is possibly supported by a collaborative,
rather than competitive, organizational culture that promotes the value of skill and knowledge
acquisition so that employees keep up to date with industry developments, as well as the
avoidance of failure in order to service clients effectively in a heavily regulated industry.
Overall, results from the present study expand existing research on the effects of mastery
GO on job performance in informal learning environments. Further, the findings for mastery GO
and tenure suggest that mastery GO may be important for differentiating performance among
experienced managers in organizations similar to the one in this sample. The effects of GO on
learning strategies are described next.
GO and Learning Strategies
Mastery GO as predictor of learning strategies. Managers’ mastery GO was positively
related to their self-reported use of learning strategies. Highly mastery-oriented learners are
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those who believe that their ability can be developed and improved, and are motivated to set
goals for autonomous skill development and professional growth (Dweck & Leggett, 1988).
Consistent with research from the educational and organizational literatures (e.g., Dweck &
Leggett, 1988; Ford et al., 1998; Porath & Bateman, 2006), results indicated that high mastery
GO was associated with greater use of the learning strategies of elaboration, effort regulation,
and active feedback seeking.
Performance-approach and performance-avoidance GO as predictors of learning
strategies. Consistent with past theory and findings, both performance-avoidance and approach
GO were negatively associated with effort regulation (Brett & VandeWalle, 1999; Elliot &
Church, 1997; Elliot & McGregor, 1999, 2001; Payne et al., 2007). Performance-approach GO
involves a motivation to demonstrate competence and performance-avoidance GO is focused on
avoiding demonstrations of incompetence. Since the key focus of both orientations is on
normative comparisons and displays of competence, they may be too narrowly focused on
performance which may undermine their ability to pursue personal learning and development
(Elliot & Church, 1997).
As stated in Chapter V, while several studies have demonstrated positive effects of
performance-approach GO on exerted effort (Bouffard, Boisvert, Vezeau, & Larouche, 1995;
Elliot & McGregor, 1999; Elliot, McGregor, & Gable, 1999), other studies have reported null or
negative relationships (Midgley et al., 2001) with the argument that the type of effort matters in
explaining these outcomes. Specifically, one could expect positive effects of performanceapproach GO on effort exerted towards performance, but null or negative relationships with
effort expended towards learning and development. As the construct of effort regulation is
specifically related to effort expended towards learning and development, the negative effects
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found in this study are consistent with the idea that managers high on performance-approach tend
to regulate their effort towards performance rather than learning and development, and perhaps at
the expense of the latter.
In contrast to those for effort regulation, there were no significant effects for either
performance-avoidance or performance-approach GO on elaboration or active feedback seeking.
In general, the fact that both dimensions were found to be negatively related to effort regulation
and unrelated to the other learning strategies suggests that these orientations are less beneficial to
learning and development compared to mastery GO.
Effects of Learning Strategies on Job Performance
Contrary to hypotheses, the results showed no positive effects for learning strategies on
job performance. Further, despite significant main effects for mastery GO on learning strategies
and job performance, none of the hypothesized indirect effects of GO on job performance
through learning strategies were supported (Al-Emadi, 2001; Elliot et al., 2001; Porath &
Bateman, 2006; Phan, 2009). The stronger relationship between mastery GO (compared to
learning strategies) and job performance is somewhat inconsistent with theory which posits that
goals or behaviors (i.e., learning strategies) are more proximal to behavioral outcomes (i.e.,
performance) compared to dispositional orientations (e.g., Kanfer, 1992) and therefore should
show stronger relationships (Payne et al., 2007). There are several possible explanations for why
no effects for learning strategies on job performance were found.
Job performance as an outcome of learning behaviors. One possible reason that
learning strategies were unrelated to performance is that job performance may have been
measured poorly. The job performance measure was a composite factor that weighted a
managerial performance rating, in addition to accounting for objective metrics such as sales
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goals and client utilization percentage. The weighting of goals and calculation of scores differ by
business unit, department, and manager and therefore it was not possible to account for the
extent to control for the various inputs that went into the job performance ratings. Further,
performance rating scores were calibrated in a group consensus discussion by department leaders
during the annual review process. Ratings may have been calibrated up or down depending on
performance relative to others and to match a desired performance distribution within the
business unit or department. Therefore, it is possible that job performance was a biased measure.
However, this theory would run counter to some of the evidence for construct validity
found in the present study. Specifically, positive effects on job performance were found for
mastery GO, which is consistent with existing research (e.g., Payne et al., 2007). Further, job
performance was positively correlated to the 360 managerial survey rating of deliver distinctive
client value (r = .18, p < .05), which may likely be a strong indicator of an overall managerial
performance rating.
Measurement of learning strategies. A second potential reason for the lack of job
performance effects relates to the measurement of the learning strategies. The scales were
adapted from Pintrich’s et al.’s (1993) MSLQ, which was originally designed for students in
academic settings. While modifications to the measure were made so that it was appropriate for
managers in an informal workplace context, it is possible that the items did not fully capture the
learning strategies and processes involved at work. For example, the elaboration item “I try to
relate challenges or problems to things that I already know” may have been too rooted in
academic learning or studying and did not properly capture the nuances associated with
managerial learning. Further, while a CFA supported the factor structure of the measure, the
internal consistency for the measures was relatively low, suggesting opportunities to improve the
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psychometric qualities of the assessment. This issue will be returned to in the following section
where study limitations are discussed.
In general, there is much debate in the self-regulatory learning literature with respect to
best practices and approaches for measuring learning strategies. Some argue that self-regulatory
behavior and strategies may often be performed without conscious awareness and therefore a
self-report measure may not be adequate in capturing the full extent to which individuals engage
in these behaviors (e.g., Brown, 1987). Others argue that there are memory constraints limiting
the respondent’s ability to accurately report the strategies they use (e.g., Tobias & Everson,
2000). Another criticism of these measures is that they do not account for changes to strategies
as a function of context, time, or tasks (Winne & Perry, 2000). Overall, while self-report tools
may be useful in capturing behaviors that are overt to the respondent, it is possible that they do
not fully capture the subtle nuances of managerial learning and related outcomes at work.
Some researchers encourage the use of supplemental methods for measuring the
constructs (Karabenick & Zusho, 2015; Schellings & Van Hout-Wolters, 2011). Some examples
of alternative methods to measuring self-regulatory behaviors in educational contexts include
observational or diary techniques and interviews (Kaplan, Lichtinger, &Margulis, 2011) which
probe into the learners reflections on the previous week and plans for the upcoming week. While
there may be practical constraints associated with these methods, further research should explore
these approaches in understanding learning strategies in informal contexts.
While clearly the learning strategies measure could be improved from a psychometric
standpoint, results from the present study provide some evidence of construct validity. First,
consistent with previous research, the magnitude and direction of the relationships between GO
dimensions and the learning strategies were mostly consistent with existing research.
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Specifically, mastery GO was significantly positively related to each of the learning strategy
dimensions, while performance-avoidance and performance-approach GO were negatively
related to effort regulation. Further, exploratory analyses suggested the indirect effects of
mastery GO on the 360 survey managerial rating of builds differentiated capability through
innovation via elaboration. These effects suggest that elaboration is related to proactive learning
approaches and innovative and conceptual thinking. Taken as a whole, there is some evidence to
support the convergent and discriminant validity of the learning strategy measures.
Importance of learning strategies in relation to job performance. A fourth potential
explanation is that learning strategies are not important for job performance at this level or
within this organization. Mastery GO reflects broad patterns of learning behaviors associated
with seeking challenges and novel experiences, which are likely to contribute to one’s career
growth and job proficiency. In comparison, the learning strategies, as measured in the present
study, may be too specific to predict overall job performance. As noted earlier, the job
performance ratings are comprised of several components, not all of which necessarily require
one to use effective learning strategies.
Further, while one may argue that building strong client relationships is contingent on
one’s ability to seek and adapt to feedback and to think carefully about the client’s needs, a
deliberate and specific approach to learning via the learning strategies may not be required for
effective job performance in this role. Examples of other learning-related variables which have
been found to mediate the relationship between mastery GO and performance include
achievement goals (Brett & VandeWalle, 1999; Dweck & Leggett, 1988; Elliot & Church, 1997;
Prager, Naidoo, & DeNunzio, in preparation), peer learning and time management (Pintrich et
al., 1993), emotional control, and social competence (Porath & Bateman, 2006).
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Finally, while the learning strategy measure may indicate the frequency in which one
engages in these behaviors, it is not indicative of how effective one is at utilizing them. For
example, managers who seek feedback may misinterpret it or apply it in the wrong way. They
may elaborate on the wrong information, or they may monitor their effort in developing
themselves to the detriment of their sales and client utilization targets. In general, this study
investigated motivational and behaviors associated with learning, rather than ability to learn,
which likely involves cognitive ability, working memory, and other related constructs (e.g.,
Colquitt et al., 2000). Therefore, measuring learning strategies alone may not be adequate in
understanding subsequent learning and performance outcomes and future studies may want to
focus more broadly on learning abilities as well.
In sum, while there may have been some measurement issues associated with the learning
strategy and job performance measures, evidence for their construct validity makes it unlikely
that poor measurement alone accounted for the lack of performance effects. A more plausible
explanation may be that learning strategies do not directly impact job performance.
Organizational and Managerial Support
Results from the present study show that organizational support was negatively related to
effort regulation and positively related to active feedback seeking. In contrast, managerial
support was unrelated to effort regulation and negatively related to active feedback seeking.
Neither was related to elaboration. There are several potential explanations for these results.
First, it is possible that there was a suppression effect related to organizational and
managerial support in the hypothesized path model. Neither managerial support (r = -.07, n.s.)
nor organizational support (r = .12, n.s.) were significantly correlated to active feedback seeking,
while the two support variables were strongly correlated with each other (r = .56, p < .05). When
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both were in the path model, significant positive effects were found for organizational support
and significant negative effects were found for managerial support. Organizational support may
impact managers’ feedback seeking behaviors only to extent they do not feel supported by their
managers. In other words, managers may feel comfortable asking others for developmental
feedback in environments they perceive to be supportive of learning. However, if managers
perceive their own managers to support learning, then they may be less inclined to ask for
feedback from others because they may not feel it is necessary.
With respect to negative effects for organizational support on effort regulation, managers
may feel that their personal learning and development is their organization’s responsibility rather
than their own. Therefore, they may depend on their organization to provide learning and
development opportunities through development programs, courses, or formal developmental
planning discussions rather that proactively and independently monitoring their effort towards
learning and development.
It would be interesting to investigate the role of variables such as psychological safety
climate (Edmonson, 1999) as intermediary processes in this relationship. Specifically one may
expect perceptions of psychological safety to mediate the positive relationship between
organizational support and feedback seeking behaviors. Further, while none of the interactions
between managerial and organizational support and GO on the learning strategies were found to
be significant in the present study, future research should continue to explore the interplay of
these support variables in relation to learning behaviors at work.
Effects on Engagement
As no job performance effects were found for the learning strategies, I explored effects
on other dependent measures which were theoretically related to learning. Consistent with recent
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research linking mastery GO to engagement (e.g., Naidoo & DeNunzio, in preparation), I
expected that mastery GO would be positively related to engagement because managers who
engage in informal learning via the learning strategies are likely to achieve their professional and
career development goals. The achievement of professional goals also positively relates to their
work engagement. Conversely, I argued that managers high in performance-approach and
performance-avoidance GO are less likely to use learning strategies, which negatively relates to
their potential for professional and career growth. In turn, lower potential for growth negatively
relates to their engagement levels.
Results from the present study showed that effort regulation was negatively associated
with engagement, and performance-avoidance GO, organizational support, and mastery GO was
positively related to engagement through reduced effort regulation.
While the causal effects cannot be inferred by the results in the present study, one
possible explanation for these findings is that managers who are high in mastery GO and
perceive their organizations to support learning are likely to engage in high effort regulation,
which may indicate that these individuals place the onus on themselves to manage and develop
their skills. With respect to the effects for organizational support, it could be that individuals
believe their organizations expect them to take responsibility for their own learning and skill
development. However, increased levels of effort regulation could indicate a feeling of personal
responsibility and expectation for learning. As a result, managers may feel disengaged in their
work, perhaps because they find it difficult or unreasonable to manage their own learning in
addition to performing their job duties and responsibilities. Conversely, those high in
performance-avoidance GO who engage in low levels of effort regulation perhaps rely on their
organization to provide them with training or development opportunities. As a result, they feel
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less of a need to actively manage their learning and development on top of their daily work
responsibilities, thereby leading to increased engagement.
With respect to the absence of a main effect for mastery GO on engagement, it is possible
that the way engagement was measured in the present study impacted these results. As
mentioned earlier, the engagement measure in the present study is different from how it has
traditionally been measured in the literature. The six-item engagement scale measures the extent
to which one speaks positively about the organization, expresses a desire to stay with the
organization, and strives to contribute to the organization. This measure is somewhat discrepant
from how it has been traditionally conceptualized and measured by engagement researchers (e.g.,
dedication, absorption, and vigor). Specifically, the engagement measure in the present study
may be more related to one’s feelings towards the organization (which may be prone to various
environmental influences) compared to traditional measures. For example, dedication,
absorption, and vigor are all plausible behavioral outcomes of mastery GO (e.g., Wentzel, 1996;
Moller & Elliot, 2006), whereas speaking positively about the organization may simply reflect
one’s overall feelings towards the organization.
Summary
Overall, the results showed only partial support for the proposed theoretical model.
Specifically, strong support was found for the effects of mastery GO on learning strategies and
job performance. Performance-approach and performance-avoidance GO were negatively related
to effort regulation as expected, but were unrelated to the other two learning strategies and job
performance. Mixed effects were found for the situational components of the model with
organizational support being negatively related to effort regulation and positively related to
active feedback seeking and managerial support being negatively related to active feedback
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seeking. The learning strategies were unrelated to job performance and none of the mediating
paths leading to job performance were supported. This may have been due to poor measurement
of either job performance or learning outcomes, or both, though there is evidence to support the
validity of the measures. Exploratory analyses indicated that effort regulation was negatively
associated with engagement, and performance-avoidance GO, organizational support, and
mastery GO increased engagement through reduced effort regulation.
Limitations and Future Avenues of Research
High potential sample. As with any research study, there were several limitations of
methodology and measurement that bear discussion. The first limitation pertains to the sample
that was used. Since participants in this study had to have been nominated by their managers as
being “high potential” and having demonstrated a solid performance record, it is possible that
they were more likely to be mastery goal-oriented and more likely to engage in adaptive learning
behaviors compared to the broader employee population. However, the means and distributions
on the GO dimensions reported in this study are generally consistent with those from studies
with more general samples (i.e., not high potential employees). As shown in Table 4, Brett and
VandeWalle (1999) reported similar means and even lower variability from their GO scale
administered to 262 MBA students. Further, a study by Prager, DeNunzio, and Naidoo (in
preparation) found similar means and distributions with an undergraduate sample. Therefore, the
high potential sample in the present study may not have been substantially different compared to
data from other sources.
Variability of independent measures. Results also suggested that the data was not
normally distributed, with significant negative skew found for several of the measures (e.g.,
mastery GO, effort regulation, actively seeks feedback). As such, deviations in normality were
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accounted for statistically by using Path Analysis with MLR estimation to test hypotheses.
Despite some evidence suggesting that the means and variability are similar to those in the
broader population, it is possible that the high potential sample may not be representative of the
general population as managers in the sample may have been proportionally higher on mastery
GO and more inclined to report stronger use of learning strategies compared to other samples.
Data collection context. Second, while a key contribution of this study was measuring
variables that pertain to learning outside of formal training contexts, the fact that the data was
collected while study participants were taking part in a development program was a limitation.
However, prior to collecting the independent variable measures, the only training activities
participants engaged in were a virtual program orientation and two sessions in which they
learned about general leadership topics (e.g., providing feedback, business acumen). Therefore, it
is unlikely that the development program impacted participants’ dispositional goal orientation,
especially since it is conceptualized and measured as a stable trait. However, one cannot rule out
the possibility that the mere involvement in the development program impacted participants’
learning strategies and behaviors. If participants in the sample ultimately engaged in equal levels
of learning strategies by the time job performance was collected as a result of the development
program, it may explain why no effects were found for learning strategies on job performance.
Unreliability of independent measures. As mentioned earlier, one of the important
limitations of this study was the unreliability and poor fit of some of the independent measures.
Specifically, all three GO dimensions and two learning strategies scales yielded internal
consistency estimates lower than .70, a standard accepted by most researchers and practitioners
as sufficient for research purposes (e.g., Nunally, 1978). As validity is predicated on having
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reliable instruments, it is possible that the unreliability of the learning strategies scales attenuated
relationships with the criteria in this study (job performance).
There are several potential reasons for why these scales did not yield strong reliability
estimates. First, all measures were administered in English to individuals across global cohorts
where English was not the native language. While business is largely conducted in English
(including the high potential development program), it is possible that items were differentially
interpreted across participants from non-North American cohorts. To investigate this issue, post
hoc analyses explored the internal consistency of measures in the North American cohort in
comparison to the other cohorts. However, these analyses failed to find increased reliability
estimates compared to the other cohorts, perhaps due to low sample size (N = 49). Further, it was
impossible to differentiate which participants were native English speakers within each cohort.
As post hoc analyses could not substantiate the claim that language contributed to lower internal
consistency, future research should consider administering learning measures to participants’ in
their native languages to avoid these potentially confounding effects.
Another potential reason for the low internal consistency was due to inattentive
responding. Participants were asked to complete these measures outside of work hours and in
preparation for a virtual webcast. While data was screened to remove patterned responding and
outliers, it is possible that not all participants were fully attentive when completing the measures,
leading to an inconsistency in responses.
Cross-cultural learning differences. One strength of this study was that it sampled
managers from different regions around the world and therefore increases the generalizability of
results across cultures. However, the cross-cultural sample may also have introduced some noise
in that there were potentially confounding effects due to cultural differences in learning.
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Unfortunately, the samples sizes for each respective region were too small for sufficient
statistical power to compare regions. Some research suggests that individuals from Western
cultures tend to report higher levels of self-regulatory behaviors and learning motivation
compared to those in Eastern cultures (e.g., Tang & Neber, 2008). In measuring motivational
differences among high school students, Artelt, Baumert, Julius-McElvany, and Peschar (2003),
as cited in Tang and Neber (2008), found lower self-efficacy scores among Korean high school
students compared to those from the United States. The authors concluded that these differences
may have been due to the tendency of Asian learners to report lower scores on self-related
motivational variables, especially when self-report measures are used (Eaton & Dembo, 1997;
Lundeberg, Fox, & Brown, 2000). Tang and Neber (2008) argued that self-reported motivational
differences between Western and Asian cultures are rooted in different educational systems.
Specifically, in Confucian-based cultures, there is a strong emphasis on the role of the teacher or
instructor whereas Western cultures promote the value and importance of self-regulation.
Therefore, in the context of the present study, it is possible that individuals from Eastern
cultures were less likely to endorse items related to the use of self-directed learning strategies.
Since individuals in Eastern cultures may be more dependent on their organizations or managers
to learn specific skills or content, it is possible that they were less likely to endorse learning
strategy items which could have attenuated the overall performance effects in this study. Posthoc analyses explored differences among cohorts and regions with respect to independent and
dependent measures. However, sample sizes for each cohort were too small to drive accurate
interpretations and no discernable pattern of results emerged. For example, while participants in
the Chinese cohort reported relatively lower mastery GO compared to the other cohorts, which is
consistent with existing research, they also reported highest levels of feedback seeking and
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elaboration which runs contrary to the research and theory described earlier. Further research
should explore how managers in different cultures approach learning pursuits and the behaviors
that lead to optimal learning and performance outcomes.
The 2 x 2 goal orientation framework. Another avenue for future research is related to
the GO measure. The integrated model tested in the present study was based on Elliot and
Church’s (1997) trichotomous GO framework. This framework was used because it is most
common in the GO literature. However, Elliot and McGregor (2002) have more recently
conceptualized a four-dimensional GO framework. The 2 x 2 GO framework postulates that
mastery orientation is further classified by mastery-approach and mastery-avoidance
orientations. While less research has tested the four-dimensional model, some have argued that
the mastery-avoidance dimension is less strongly related to favorable outcomes compared to the
traditional one-dimensional mastery orientation (Elliot & Moller, 2006; Naidoo et al., 2012).
Future research should explore the dispositional and situational influences of learning motivation
using this classification. For example, it would be interesting to see the differential learning
strategy and job performance effects of mastery-approach and mastery-avoidance GO. Some
research (e.g., Moller & Elliot, 2006) suggests that mastery-avoidance GO is related to similar
negative outcomes as performance-avoidance GO such as avoidance of help-seeking and
academic performance because of its avoidance component. As such, one may expect that
mastery-avoidance GO would be negatively related to learning strategies and job performance.
A final limitation and potential avenue for further research is with respect to the manager
and organizational support measures I adapted for the present study. The original measures were
broadly focused on measuring perceptions related to support for learning and development
provided by the organization and one’s manager. Some have argued that more specific
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situational environmental variables impact learning motivation, behaviors and performance
outcomes. Such variables include peer support, opportunities to practice and use new knowledge
and skills, and intrinsic/extrinsic rewards for leveraging learned skills and knowledge, to name a
few (Baldwin & Ford, 1998; Blume et al., 2010; Yang et al., 2004). Future studies should
consider incorporating alternate learning culture or climate measures.
Organizational Applications
The findings of this study suggest some important organizational applications. This study
demonstrates that mastery GO is an important dispositional variable that likely predicts the use
of learning strategies and job performance in organizations. Specifically, mastery-oriented
learners may tend to monitor the effort they expend on learning new skills and dedicate
appropriate amount of focus and attention to mastering those skills. Mastery-oriented managers
also tend to think abstractly and make connections between various concepts. This kind of
processing strategy may be especially important in examining market trends and in linking
business strategy with organizational initiatives. These mastery learning patterns are especially
important given the dynamic and ambiguous landscape of the modern workplace (Murphy,
1999). Further, those high in mastery orientation will likely seek feedback from others in order to
gain a better understanding of their strengths and areas of opportunity.
Given the positive effects of mastery GO on job performance, organizations may wish to
consider including a measure of GO in the context of selection and development. As of recent,
virtually no commercially available selection measures of GO existed in the market and only in
the past few years have they been adopted by organizations (e.g., ADEPT-15® “Mastery” scale;
Aon Hewitt, 2015). Organizations may benefit by hiring individuals who are motivated to
proactively develop themselves and take on new challenges. Additionally, GO measures can
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help organizations in the identification of high-potential employees or successors for a future
position (Silzer & Church, 2010). Specifically, highly mastery-oriented individuals are likely to
be more ready to take on new responsibilities and challenges. Thus, a measure of mastery GO
will likely produce added value and utility to the selection and placement of employees in
organizations that value learning and development.
The research from the present study also highlighted the gap between science and
practice with respect to managerial learning and the need to develop alternate models to better
understand how learning occurs in the workplace. As stated earlier, much of the existing theory
and research on learning is derived from students in educational contexts and trainees in formal
learning environments where skills and knowledge are clearly defined and learning outcomes can
be clearly measured. However workplace learning, especially among managers, is different
whereby learning objectives are not always clearly defined, the process is non-linear and often a
byproduct of other activities and engagements, and the outcomes of learning pursuits are
typically ambiguous. Further, recent trends in leadership development programs within
organizations indicate a shift away from highly structured formats to curated, on the job
experiences and stretch/global mobility assignments.
The lack of learning strategy effects on job performance in the present study suggests that
more attention is needed in understanding the nuances of managerial learning strategies at work
and appropriate methods for measuring their effectiveness. Organizational researchers and
practitioners should consider revisiting informal learning models, taking a holistic, processfocused view rather than conceptualizing learning as discrete events or behaviors. With respect
to measurement within organizations, perhaps there is a need to move away from broad
leadership competencies to more specific knowledge and skills-based assessments that capture
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outcomes of effective learning processes. For example, researchers in the training literature have
proposed using more concrete and proximal measures of learning. Kraiger et al. (1993) proposed
specific measures for evaluating different types of learning outcomes, specifically within training
contexts. For example, cognitive learning involves knowledge acquisition and can be assessed
by measuring how individuals make connections between abstract items. Skill-based learning
involves the compilation and transfer of skills and can be assessed by targeted behavioral
observations. While there may be some practical constraints associated with measuring these
outcomes in informal learning environments, future studies should explore opportunities to take
a more comprehensive approach to measuring learning outcomes in the workplace.
Conclusion
This study was unique in that it that it tested dispositional and situational influences on
the managerial learning processes and managerial job performance eight to twelve months later
in an informal learning context. This is important as most studies in the area of employee
learning have focused almost exclusively on training programs where there are defined learning
parameters and objectives, and which involve structured and controlled environments for
learning. The study results extend support for the favorable effects of dispositional mastery GO
in informal learning environments. Specifically, those high in mastery GO used learning
strategies in the workplace more and were better performers, though the increased use of
learning strategies itself wasn’t related to improved performance. While the effects for mastery
GO were largely positive, post-hoc analyses revealed that the strategy of effort regulation may
mediate the relationship between mastery GO and engagement, such that increased effort
regulation can lead to reduced engagement levels. This is important as effort regulation may
help explain how managers take personal responsibility for their learning and development,
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which could also contribute to decreased engagement if they are not adequately supported by
their managers and organization. Taken together, these findings are useful to practitioners in
developing assessments and organizational interventions that can facilitate learning.
In conclusion, this study provided support to the GO and organizational learning
literature and highlighted several important questions which should be investigated by both
academics and organizational practitioners. I join others in calling for continuing research on the
topic in an effort to further enhance workplace learning.
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TABLES
Table 1
Summary of Measures and Constructs
Construct

Construct
Type

Dimension

Source/comments

Job Performance

Criterion

Managerial competencybased 360 survey ratings*

Proprietary 360 survey

Role Plays

Criterion

Assessor ratings on 3
competency-based role
plays*

Aggregate of competencybased behavioral anchored
ratings scales

Demographic data

Control

Age, region, business
unit, gender

N/A

Predictor

Mastery GO

Brett & VandeWalle, 1999

TIME 0 MEASURES

TIME 1 MEASURES
Goal Orientation

Performance-Approach
GO
Performance-Avoidance
GO
Learning Strategies

Mediator

Elaboration

Adapted from Pintrich et

Effort Regulation

al.’s MSLQ (1993)

Active Feedback-Seeking
Help-Seeking*
Organization*
Peer Learning*
Self-Regulation*
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Table 1 Continued
Perceived Support
for Learning

Moderator

Managerial Support*

Adapted from Potosky and
Ramakrishna’s (2002)
Climate for

2013 Performance
Review ratings

Criterion

N/A

Reflects aggregate score of
managerial ratings and
objective criteria (e.g., sales,
client utilization);
collected > 8-12 months
following Time 1

2014 Performance
Review ratings*

Criterion

N/A

Reflects aggregate score of
managerial ratings and
objective criteria (e.g., sales,
client utilization);
collected > 8-12 months
following Time 1

2014 Engagement
survey scores*

Criterion

N/A

Collected > 8-12 months
following Time 1

Turnover, tenure,
and other
demographic
information*

Criterion

N/A

Y/N, still employed with the
organization; collected > 812months following Time 1

Nomination to
subsequent
development
program*

Criterion

N/A

Y/N; collected > 8-12
months following Time 1

TIME 2 MEASURES

Note: *Not formally hypothesized/exploratory variable
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Table 2
Scale Distributions
Scale

Skew

Skew/
SE Skew

Mastery GO

-0.71

-3.45

0.21

0.51

Performance- approach GO

-0.46

-2.25

-0.26

-0.55

Performance-avoidance GO

0.27

1.32

-0.27

-0.67

Elaboration

-0.29

-1.40

-0.40

-0.97

Actively seeks feedback

-0.53

-2.57

-0.25

-0.83

Effort regulation

-0.73

-3.11

0.48

1.17

Job performance

0.24

1.20

-0.40

-1.00

Engagement

-0.72

-3.05

0.06

0.12

Organizational support

-0.64

-3.01

0.33

0.79

Managerial support

-0.56

-2.65

-0.25

-.61

360 – Deliver distinctive client value

0.02

0.08

-0.07

-0.17

360 – Build differentiated capability
through innovation

-0.66

-2.96

1.67

3.75

0.21

0.94

1.17

2.64

360 - Deliver business results with
excellence

Kurtosis

Kurtosis/
SE Kurt
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Table 3
Means, Standard Deviations, Internal Consistency Coefficients, and Correlations among Key Variables

1.
2.
3.
4.
5.
6.
7.
8.
9.

M
4.32
3.78
2.43
4.31
3.64
3.84
3.62
4.26

SD
0.57
0.73
0.75
0.48
0.87
0.69
0.65
1.20

1
2
(140)
0.31**
(140)
-0.35** 0.14
0.30** 0.13
0.36** 0.10
0.30** -0.11
0.26** 0.08
0.09
-0.03

3

4

5

6

7

MASGO
PAPGO
PAVGO
(140)
Elaboration
-0.03
(139)
Feedback
-0.12
0.26**
(139)
Effort Regulation
-0.42** 0.14
0.02
(140)
Job Performance
0.02
0.04
0.14
0.08
(143)
Engagement
-0.03
0.08
0.10
-0.15
-0.08
Organizational
3.42
0.56
0.05
-0.17
-0.10
0.04
0.12
-0.12
0.04
Support
10. Managerial Support
3.86
0.73
0.03
-0.08
0.10
0.06
-0.07
-0.07
0.13
11. 360 – Client Value
3.37
0.55
0.03
0.15
-0.06
0.17
0.04
0.10
0.19**
12. 360 - Innovation
3.12
0.63
0.11
-0.11
-0.09
0.11
-0.01
0.13
0.23**
13. 360 – Business
3.23
0.61
-0.07
-0.12
-0.02
-0.02
0.08
0.00
0.20**
Results
14. Tenure
9.06
4.71
-0.21* -0.18
0.03
-0.08
-0.25* -0.01
0.09
15. Turnover
N/A
N/A
0.02
-0.10
0.00
0.01
0.05
-0.04
-0.10
Note: Values in the diagonal reflect sample sizes; MASGO = Mastery GO; PAPGO = Performance-approach GO;
PAVGO = Performance-avoidance GO; Feedback = Active feedback seeking; 360 - Client Value = Deliver
distinctive client value (managerial 360 survey rating); 360 - Innovation = Builds differentiated capability through
innovation (managerial 360 survey rating); 360 – Business Results = Deliver business results with excellence
(managerial 360 survey rating); N/A = not applicable; * p < 0.05; ** p < 0.01. All significance levels are based on
two-tailed test
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Table 3 Continued
8

1.
2.
3.
4.
5.
6.
7.
8.
9.

9

10

11

12

13

14

15

MASGO
PAPGO
PAVGO
Elaboration
Feedback
Effort Regulation
Job Performance
Engagement
(105)
Organizational
0.52**
(134)
Support
10. Managerial Support
0.20** 0.56*
(134)
11. 360 – Client Value
-0.04
-0.03
0.05
(117)
12. 360 - Innovation
-0.07
-0.05
-0.01
0.59** (117)
13. 360 – Business
0.03
0.04
0.10
0.47** 0.48** (117)
Results
14. Tenure
0.15
0.18*
0.17*
0.12
0.03
0.12
(139)
15. Turnover
-0.08
0.10
0.06
-0.04
-0.09
-0.19* -0.03
(139)
Note: Values in the diagonal reflect sample sizes; MASGO = Mastery GO; PAPGO = Performance-approach GO;
PAVGO = Performance-avoidance GO; Feedback = Active feedback seeking; 360 - Client Value = Deliver
distinctive client value (managerial 360 survey rating); 360 - Innovation = Builds differentiated capability through
innovation (managerial 360 survey rating); 360 – Business Results = Deliver business results with excellence
(managerial 360 survey rating); N/A = not applicable; * p < 0.05; ** p < 0.01. All significance levels are based on
two-tailed test
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Table 4.
Goal Orientation Descriptive Statistics across Studies
Performance- PerformanceSource

Sample

Mastery

Approach

Avoidance

Prager Dissertation

Hi-Po

6.02

5.33

3.46

Brett & VandeWalle (1999)

MBA

6.10

5.10

3.41

Prager et al. (in prep)

Undergrad

5.62

5.33

4.62

Note: Prager dissertation administered measures using a 5-point scale; Brett & VandeWalle
(1999) and Prager et al (in prep) used 7-point scales; Prager dissertation means were converted to
a 7-point scale by dividing the mean by 5 and multiplying by 7.
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FIGURES

Figure 1. Proposed Theoretical Model.
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Figure 2. Vroom’s (1964) VIE Model.
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Figure 3. Baldwin and Ford’s (1988) Model of Training Transfer.
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Figure 4. Kozlowski et al.’s (2001) Path Analytic Results.
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Figure 5. Payne et al., (2007)’s Goal Orientation Nomological Net.
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Figure 6. Program Overview and Timing of Measures.
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Figure 7. Path Model of Hypothesized Relationships. None of the indirect paths via learning
strategies were significant; dotted lines indicate non statistically significant relationships; R2 for
the full model on performance = .55; R2 for elaboration = .12; R2 for active feedback seeking
= .18; R2 for effort regulation = .24.
*p <.05; **p < .01;
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Figure 8. Path Model of Engagement. The indirect effect of performance-avoidance GO on
engagement via effort regulation was significant, B = .13, SE = .07, p < .05; the indirect effects
of mastery GO on engagement via effort regulation (B = -.11, SE = .06, p < .10) and of
organizational support on engagement via effort regulation (B = .06, SE = .04, p < .10) were
marginally significant; dotted lines indicate non statistically significant relationships; R2 for the
full model on engagement = .73; R2 for elaboration = .12; R2 for active feedback seeking = .18;
R2 for effort regulation = .24.
*p <.05; **p < .01.
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Figure 9. Interactive Effects of Tenure and Mastery GO on Job Performance.
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Appendix A
Items
Goal Orientation
Mastery Goal Orientation
1. I am willing to select challenging work assignments that I can learn a lot from.
2. I enjoy challenging and difficult tasks where I'll learn new skills.
3. For me, development of my work ability is important enough to take risks.

Performance-Avoidance Goal Orientation
1. I would avoid taking on a new task if there was a chance that I would appear rather
incompetent to others. a
2. Avoiding a show of low ability is more important to me than learning a new skill.
3. I'm concerned about taking on a task if my performance would reveal that I had low ability.
4. I prefer to avoid situations at work where I might perform poorly.

Performance Approach Goal Orientation
1. I prefer to work on projects where I can prove my ability to others.
2. I prefer to work in situations that require a high level of ability and talent. a
3. I like to show that I can perform better than my coworkers.
4. I try to figure out what it takes to prove my ability to others at work.
5. I enjoy it when others are aware of how well I am doing.

Learning Strategies
Elaboration
1. I think about how new information or situations are similar to other things I know.
2. I think about long-term consequences of several different approaches to solving problems.
3. I try to relate challenges or problems to things that I already know.
4. I objectively critique past failures at work.a
5. I think about what could have been done better for projects or assignments that did not go as
planned.
6. I learn from my mistakes and successes by writing them down. a
7. I think about past mistakes or failures when encountering a new situation. a
Note: a represents item removed from final scale; * Reversed scored item
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Effort Regulation
1. I delegate a task to others if it confuses me or requires me to learn something new.*
2. I often get distracted and quit before I finish what I planned to do.*
3. I work hard to understand information, even if it does not interest me.
4. I try to find the areas that are easy and focus on those.*
5. I often take on difficult or complex tasks, even if they are outside of my area of expertise or
comfort zone. a
Active Feedback Seeking
1. I regularly check in with others on how I'm doing.
2. I frequently solicit feedback from peers and supervisors regarding my work performance.
3. I tend to get defensive when receiving feedback (e.g., 360) from peers or supervisors.* a
4. I ask others what they think I could be doing better.
5. I proactively schedule time to meet with my managers to discuss my progress. a
6. I am not afraid to ask others for honest and candid feedback.

Organizational Support
1. This company emphasizes growth and acquiring new resources. Readiness to meet new
challenges is important.
2. This company places a high priority in being dynamic and entrepreneurial. People are willing
to take risks. a
3. This company emphasizes a commitment to innovation and learning. There is an emphasis on
being "cutting edge".
4. In this company, the best managers are those that are considered innovators or risk-takers. a
5. This company supports my professional growth and development.
6. This company does not provide me with the resources needed to develop my skills.* a

Managerial Support
1. To what extent has your manager worked with you on your development plan?
2. To what extent does your manager support your professional growth and development?
3. My manager wants to see me succeed in my career. a

Note: a represents item removed from final scale; * Reversed scored item
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360 Performance Survey Areas and Items
Deliver Distinctive Client Value
1. Consulting Skills - Forms insights based on client needs, own expertise, and’s capabilities;
shares even if they differ from clients’ point of view.
2. Selling Skills - Contributes to proposals and bid processes for clients and prospects. a
3. Client Knowledge - Prepares for client work by familiarizing oneself with knowledge and
experience relevant to the type of client and/or problem.
4. Client Service - Develops own and the team’s expertise to effectively meet client needs by
problem solving distinctive solutions.
Build Differentiated Capability Through Innovation
1. Expertise - Generates new ideas and shares innovations; seeks to provide the best solutions
through new knowledge and diagnosing client situations.
2. Capability - Understands and implements best practices to meet client needs; shares
innovations with others.
3. Influence - Communicates complex thoughts clearly; understands unique contribution and
contributes to innovative solutions.
Deliver Business Results With Excellence
1. Quality Management - Controls the quality of deliverables; assesses results against established
criteria.
2. Business Acumen - Promotes opportunities for cost savings, productivity improvement, and
revenue generation.
3. Systems and Processes - Understands and maximizes use of all applicable and relevant tools
and processes.
4. Project Management - Plans, organizes and coordinates workload to ensure success;
reprioritizes as necessary. a
Develop Unmatched Teams a
1. Adaptability and Flexibility - Adapts behavior to reflect the communication style of others to
foster better relationships and teamwork.
2. Coaching and Recognition - Asks for and offers others consistent positive and constructive
feedback.
3. Cross-cultural Competence and Collaboration - Works effectively with others of diverse
backgrounds, perspectives and styles; ensures client interests are kept first.
4. Developing Self and Others - Shares subject matter expertise freely with other team members;
helps others to succeed.

Note: a represents item removed from final scale; * Reversed scored item
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Lives Our Values a
1. Excellence - Produces quality work and strives for excellence in all responsibilities.
2. People - Is always respectful and trustworthy; is trusting of others.
3. Integrity - Holds self and others accountable to ethical standards.
4. Community - Encourages volunteerism.

Engagement
1. It would take a lot to get me to leave this organization.
2. This organization inspires me to do my best work every day.
3. I would not hesitate to recommend this organization to a friend seeking employment.
4. I rarely think about leaving this organization to work somewhere else.
5. This organization motivates me to contribute more than is normally required to complete my
work.
6. Given the opportunity, I tell others great things about working here.

Note: a represents item removed from final scale; * Reversed scored item
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Additional Items Not Included as Part of Formal Hypotheses a
1. I reach out to my co-workers to gather as much information as possible.
2. I prefer to learn through trial and error rather than having formal training.
3. I learn from my mistakes.
4. I regularly try out several approaches to see what works.
5. I read articles/books or browse the web for more information.
6. I take a course in the area that I need more knowledge in.
7. I enroll in a training course to learn a particular skill or knowledge area.
8. I ask others for help or advice if I am having trouble learning something.
9. I seek out mentors or role models to practice new approaches.
10. I prefer to work through problems myself without reaching out to others.*
11. I ask managers or peers to clarify concepts if I don't fully understand.
12. I often find myself turning to others for help if I have a problem or don't understand
something.
13. I tend to identify peers who will be helpful resources to me before starting a project.
14. I often look for opportunities to develop new skills and knowledge through on-the-job
experiences.
15. I write down steps for what I need to do.
16. I write out a detailed action plan.
17. I write outlines or summaries to get a better understanding of new information.
18. I make charts, diagrams, or tables to help me organize my notes.
19. I think about several different approaches to solving a problem before I actually get started
on solving it.
20. I talk with my supervisor or co-workers about my work problem or challenge.
21. I talk to someone who has gone through a similar experience.
22. I frequently attend meetings in which colleagues present industry or business developments.
23. I prefer to solve problems with others.
24. I think through new work requirements and determine what needs to be learned.
25. I tend to think about how I can improve in areas that I don't understand well.
26. I set learning goals for myself.
27. I independently create career development plans.
28. I focus on areas of development that I see as being critical to my career success.
29. I think about which areas that are most important to develop and focus on those.

Note: a represents item removed from final scale; * Reversed scored item
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Appendix B
Factor Loadings and Fit Indices of Revised Measures
CFA Factor Loadings and Fit Indices for Goal Orientation Measure
Factor Loadinga
MASGO1
MASGO2
MASGO3
PAPP1

Proposed Model
.74**
.79**
.46**
.65**

PAPP2
PAPP3
PAPP4
PAPP5
PAV1
PAV2
PAV3
PAV4

.50**
.59**
.52**
.62
.06**
.68**
.46**
.47**

Revised Model
.73**
.81**
.45**
.68**
—
.61**
.47**
.67**
—
.69**
.44**
.48**
Fit Indices

Proposed Model



2

**

Revised Model
*

135.588
50.354
df
51
32
CFI
.749
.927
TLI
.676
.897
RMSEA [90% CI]
.111 [.089, .134]
.065 [.026, .099]
SRMR
.104
.069
Note. MASGO = Mastery GO; PAPP = Performance – Prove GO; PAV = Performance – Avoid
GO; CFI = comparative fit index; TLI = Tucker-Lewis index; RMSEA = root mean square error
of approximation; SRMR = standardized root mean square residual.
a
Factor loading estimates are based on STDYX standardization.
*
**
p < .05. p < .01.
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CFA Factor Loadings and Goodness-of-Fit Indices for Learning Strategies Measure
Factor Loadinga
ELAB1
ELAB2
ELAB3
ELAB4
ELAB5
ELAB6
ELAB7

Proposed Model
.53**
.62**
.39**
.30**
.61**
.28**
.30**

Revised Model
.63**
.61**
.47**
—
.57**
—
—

FB1
FB2
FB3
FB4
FB5
FB6
EFFORT1
EFFORT2
EFFORT3

.78**
.90**
.27**
.68**
.61**
.64**
.57**
.59**
.36**

.72**
.97**
—
.67**
—
.61**
.59**
.61**
.29**

EFFORT4
EFFORT5

.51**
.36**

.56**
—
Fit Indices

Proposed Model



2

Revised Model

**

65.878
220.960
df
132
51
CFI
.826
.958
TLI
.798
.946
RMSEA (90% CI)
.071 (.054, .087)
.047 (.000, .076)
SRMR
.096
.073
Note. ELAB = Elaboration; FB = Active feedback seeking ; EFFORT = Effort regulation; CFI =
comparative fit index; TLI = Tucker-Lewis index; RMSEA = root mean square error of
approximation; SRMR = standardized root mean square residual.
a
Factor loading estimates are based on STDYX standardization.
*
**
p < .05. p < .01.
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CFA Factor Loadings and Goodness-of-Fit Indices for Manager 360 Measure
Factor Loadinga
MGRCL1
MGRCL2
MGRCL3
MGRCL4
MGRINN1
MGRINN2
MGRINN3

Proposed Model
.75**
.59**
.63**
.70**
.79**
.88**
.69**

MGREX1
MGREX2
MGREX3

.58**
.84**
.58**

Revised Model
.70**
—
.63**
.73**
.79**
.88
.69
.62**
.76**
—
Fit Indices

Proposed Model



2

df
CFI
TLI

67.536
32
.913
.878

**

Revised Model
31.211
17
.957
.928

*

RMSEA (90% CI)
.097 (.065, .130)
.085 (.034, .131)
SRMR
.069
.049
Note. MGRCL = Deliver distinctive client value; MGRINN = Build differentiated capability
through innovation ; MGREX = Deliver business results with excellence; CFI = comparative fit
index; TLI = Tucker-Lewis index; RMSEA = root mean square error of approximation; SRMR =
standardized root mean square residual.
a
Factor loading estimates are based on STDYX standardization.
*
**
p < .05. p < .01.
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CFA Factor Loadings and Fit Indices for Managerial and Organizational Support
Factor Loadinga
ORGSUP1
ORGSUP2
ORGSUP3
ORGSUP4
ORGSUP5
ORGSUP6

Proposed Model
.75**
.64**
.78**
.46**
.82**
-.73**

Revised Model
.78**
—
.72**
—
.84**
—

MGRSUP1

.79**

.77**

MGRSUP2
MGRSUP3

.87**
.18

.89**
—
Fit Indices

Proposed Model



2

df
CFI
TLI
RMSEA (90% CI)

**

74.929
26
.901
.863
.119 (.088, .150)

Revised Model
7.959
4
.986
.966
.086 (.000, .173)

SRMR
.063
.023
Note. ORGSUP = Organizational Support; MGRSUP = Managerial Support; CFI = comparative
fit index; TLI = Tucker-Lewis index; RMSEA = root mean square error of approximation;
SRMR = standardized root mean square residual.
a
Factor loading estimates are based on STDYX standardization.
*
**
p < .05. p < .01.

129

Appendix C
Path Models of 360 Manager Rating Dimensions

Figure A1. Path Model of Deliver Distinctive Client Value. None of the indirect paths via
learning strategies were significant; dotted lines indicate non-statistically significant
relationships; R2 for the full model on deliver distinctive client value = .33; R2 for elaboration
= .12; R2 for active feedback seeking = .18; R2 for effort regulation = .24.
*p <.05; **p < .01
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Figure A2. Path Model of Build Differentiated Capability Through Innovation. The indirect
effect of mastery GO on build differentiated capability via elaboration was significant, B = .27,
SE = .13, p < .05; dotted lines indicate non-statistically significant relationships; R2 for the full
model on build differentiated capability through innovation = .81; R2 for elaboration = .12; R2 for
active feedback seeking = .18; R2 for effort regulation = .24.
*p <.05; **p < .01.
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Figure A3. Path Model of Deliver Business Results with Excellence. None of the indirect paths
via learning strategies were significant; dotted lines indicate non-statistically significant
relationships. R2 for the full model on build differentiated capability through innovation = .75; R2
for elaboration = .12; R2 for active feedback seeking = .18; R2 for effort regulation = .24.
*p <.05; **p < .01.
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